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ABSTRACT 

 As the American workforce ages, organizations must navigate the complexities of 

managing the widest age span the U.S. workforce has ever seen, presenting challenges and 

opportunities for HR managers seeking to motivate and retain workers. While chronological age 

explains some differences in work motivation, subjective age offers a deeper, more flexible 

understanding of employees’ experiences. This study examined how subjective age shapes 

approach and avoidance crafting behaviors, retirement intentions, and perceived financial 

preparedness, as well as how age-inclusive HR practices (AIHRP) moderate these relationships. 

Data were collected from 437 full-time U.S. workers. 

Findings revealed that subjective age positively predicted avoidance crafting and 

retirement intentions, suggesting that older-feeling workers are more inclined toward 

disengagement and transition out of the workforce. Avoidance crafting was positively related to 

perceived financial preparedness, while approach crafting was negatively related to retirement 

intentions, indicating that proactive work engagement may reduce intentions to retire. Notably, 

AIHRP moderated the relationship between subjective age and avoidance crafting, indicating 

that age-inclusive organizational practices can shape individual employee behavior. These 

findings highlight the importance of designing HR practices that address subjective age 

experiences to promote productive and satisfying late-career work trajectories. 



 

 

From an applied perspective, the positive relationship between subjective age and 

avoidance crafting underscores the need for organizations to address how employees’ 

internalized age perceptions shape their work behaviors. Notably, the study’s models examined 

whether subjective age predicts outcomes above and beyond established individual differences 

and emotional attachment to one’s organization. Affective commitment, psychological capital, 

and core self-evaluations emerged as the strongest predictors of crafting types and perceived 

financial preparedness. This suggests that age-inclusive HR practices alone may not suffice; 

companies may achieve better outcomes by pairing them with targeted efforts to strengthen 

employees’ psychological resources through training exercises. Simultaneously, organizational 

leaders are responsible for maintaining a supportive work environment and a positive 

organizational climate to reinforce and amplify the benefits of AIHRP. 

Moreover, the results emphasize that AIHRP are not universally beneficial; their 

effectiveness depends in part on individual differences such as subjective age. Consistent with 

the theory of aged heterogeneity, older workers cannot be treated as a monolith, given their 

diverse needs, preferences, and motivations. For example, older-feeling employees may respond 

to AIHRP with disengagement or withdrawal behaviors if their work is not sufficiently 

meaningful or well-matched to their goals. Managers and leaders must therefore proactively 

adjust tasks, reallocate workloads, and emphasize the value and significance of work to create a 

more emotionally meaningful experience. Finally, by distinguishing approach and avoidance 

crafting as separate behavioral patterns, organizations can better target interventions: promoting 

approach crafting may help delay retirement intentions, while identifying and addressing 

avoidance crafting may be critical to reducing turnover risk and supporting sustainable, 

satisfying late-career trajectories. 
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CHAPTER 1: INTRODUCTION 

Billy and Valerie are two coworkers in their late 60s. Billy feels vibrant and capable; he’s 

excited about new projects, eager to learn new skills, and is constantly looking for ways to 

expand his role within the company. He has a subjective age–or felt age–of someone in their 

early 50s. He frequently engages in proactive job crafting behaviors, seeking out new challenges 

and responsibilities that align with his future career aspirations. Valerie, on the other hand, 

perceives her subjective age as that of someone in their early 70s. Her sense of energy has 

dwindled along with her physical and cognitive resources. She feels overwhelmed by work-

related stress and finds day to day work tasks challenging to keep up with. This older subjective 

age–and the shrinking future time perspective that accompanies it–influences her to engage less 

in proactive job crafting behaviors. Rather, she focuses on preserving her remaining physical, 

cognitive, and temporal resources in addition to optimizing her emotional wellbeing. With these 

goals in mind, she begins to reduce her work responsibilities, avoid new company trainings, and 

evade the health/wellness programs that only remind her of rapidly declining health status. 

Despite the incredible meaning she used to derive from her work, she finds herself regularly 

deliberating whether it would be best to bow out of the workforce completely, taking the 

institutional knowledge and wisdom she has amassed over her career with her. 

As the American workforce ages, organizations are faced with managing an 

unprecedented amount of age diversity (Pearce, 2024). The current workforce is comprised of 

the widest age span the U.S. workforce has seen to date. This is due, in part, to the rapid growth 

of older worker labor force participation (Pew Research, 2023). This shift comes with a special 

set of challenges and opportunities for HR managers who aim to effectively motivate and retain 

all workers. While chronological age perhaps explains some differences in motivation (Kooji et 
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al., 2011), subjective age (SA)—a person’s internal sense of how old they feel (Kotter-Grühn et 

al., 2015)—offers a deeper and more nuanced understanding of an employee's experience than 

chronological age. Investigations into the relationship between subjective age and work-related 

outcomes have found psychological age to be negatively related to self-esteem and positively 

related to retirement intentions (Marcus et al., 2019; Nagy et al., 2022). Additionally, a study by 

Nagy et al., (2019) found that late-career employees (aged 50-66 years) differed significantly in 

work engagement and organizational citizenship behaviors as a function of subjective age. In 

their study, subjective age was captured using eight different subjective age measures (feel-, act-, 

interests-, look-, cognitive-, physical-, private life-, and work-age). A young subjective age in 

late-career employees (i.e. feeling 11 years younger than one’s chronological age numerically; 

Nagy et al., 2019) was shown to positively relate to these work-related outcomes. 

Further, subjective age is valuable because it provides personalized insight into where an 

individual perceives their own development to be at a given point in the lifespan (Kotter-Grühn 

et al., 2015). Subjective age has been found to predict health outcomes, cognitive functioning, 

psychological well-being, and longevity (Kotter-Grühn et al., 2015). Chronological age, on the 

other hand, is inflexible and implies substantial similarities between individuals close in age––an 

assumption starkly opposed by the theory of aged heterogeneity (Nelson & Dannefer, 1992). 

This theory asserts that workers experience the aging process in a more variable fashion as time 

progresses. Assuming this theory holds true, chronological age is an even poorer predictor of key 

individual outcomes in older worker populations. In addition to previously stated outcomes, felt-

age, specifically, has been found to impact older worker’s motivation to craft their jobs as well as 

their overall workplace experience (Nagy et al., 2019). Furthermore, due to SA’s pliability, the 

practical implications of research related to its antecedents and outcomes are far greater as 
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workplace interventions may be able to target changes in perceptions of aging, leading to 

changes in worker proactivity. Given that subjective age can influence work motivation, 

understanding how employees at differing psychological ages engage with their work 

environments through job crafting illuminates the far-reaching implications of subjective age. 

Job crafting literature has long relied on two popular conceptualizations of job crafting 

itself: the traditional tridimensional perspective proposed by Wrzesniewski and Dutton (2001) 

and the job demands resources perspective proposed by Tims et al. (2012). In their 2019 paper, 

Zhang and Parker successfully unite these two perspectives to explain complex findings across 

the job crafting literature. Their conceptualization presents approach versus avoidance crafting as 

the primary means by which crafting efforts and motivations should be viewed (Zhang & Parker, 

2019). According to Zhang and Parker, these overarching crafting types are two separate factors 

which individuals can engage in at the same time. Approach crafting, on the one hand, involves 

actively seeking out new challenges, responsibilities, and engaging in future focused behaviors 

(Zhang & Parker, 2019). This can be seen in the example of Billy, a worker who feels younger 

than his years and remains eager to increase his work demands and social roles. Approach 

crafting has been found to be negatively related to age and tenure (Rudolph et al., 2017). 

Conversely, avoidance crafting is characterized by efforts to evade aspects of work that lack 

positive resources or come with hindering demands (Zhang & Parker, 2019). In the example of 

Valerie, this looks like avoiding tasks and rejecting projects to prevent feeling overwhelmed. 

These distinct crafting strategies have been repeatedly shown to have contrasting antecedents and 

outcomes–leading many researchers to ponder whether avoidance crafting truly relates to 

proactive work behaviors at all (Zhang & Parker, 2019; Lopper et al., 2023). 



4 

 

The antithetical dynamic that exists between approach and avoidance crafting is critical 

for understanding how age and subjective age influence workers' behaviors. The key to 

understanding why subjective age impacts job crafting lies in understanding future time 

perspective (FTP). Individuals with a lower subjective age, in turn have an open-ended FTP, 

making them more likely to pursue their long-term developmental goals at work (Kooij et al., 

2017; Nagy, 2019). These findings align with lifespan development theories such as 

socioemotional selectivity theory (SST; Carstensen, 1993). SST posits that younger individuals 

prioritize future-oriented goals and knowledge acquisition, perceiving time as open-ended. In 

contrast, older individuals are expected to: perceive time as limited, prioritize emotional 

satisfaction, strengthen existing relationships, and seek meaning from life experiences (SST; 

Carstensen, 1993; Carstensen, et al., 1999). 

Additionally, this interplay between subjective age and job crafting has the potential to be 

influenced by age-inclusive HR practices (AIHRP)–or organizational strategies designed to 

recognize and support workers of all ages (Fan et al., 2023). For employees like Valerie, AIHRP 

can provide the necessary resources to counterbalance the declines in health and self-efficacy 

that accompany a higher subjective age (Hubley & Russell, 2009; Barak & Stern, 1996; Kotter-

Grühn et al., 2015). For example, work accommodations that reduce strain, health programs that 

support physical and mental well-being, or even flexible work arrangements that allow older 

employees to manage their time and energy, can help older employees, like Valerie, feel more 

supported and valued (Boehm et al., 2021), potentially reducing the inclination towards 

avoidance crafting and encouraging approach-oriented behaviors. 

The importance of studying subjective age, job crafting, and AIHRP lies in their 

interconnectedness and potential to explain when, and why, older workers engage in proactive 
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behaviors and when they intend to retire. Such a relationship underscores the importance of 

creating workplace strategies that address the unique needs of an aging workforce, enhancing 

both employee well-being and organizational outcomes. Lastly, this model is important due to its 

a) novelty in the testing of how subjective age relates to job crafting behaviors, b) investigation 

of how AIHRP impacts the relationship between subjective age and job crafting, and c) proposal 

of avoidance crafting as a precursor to retirement–for older workers, specifically. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



CHAPTER 2: LITERATURE REVIEW 

Subjective Age 

The study of subjective age in association with employee outcomes has garnered 

substantial attention in recent years (Kunze et al., 2015; Kunze et al., 2019; Rudolph et al., 

2019). The growing body of research concerning subjective age offers valuable insights into how 

workers perceive their own aging process and how these perceptions influence various 

motivational processes and behaviors, as well as organizational outcomes. The list of what 

subjective age meaningfully influences is extensive and includes: job crafting (Nagy et al., 

2019), retirement intentions (Cleveland et al., 1997), work engagement (Nagy et al., 2019), 

company performance (Kunze et al., 2015), and subjective well-being (Debreczeni, 2021). 

Subjective age, defined as how old or young a person feels (Kotter-Grühn et al., 2015), 

has been heavily researched by scholars due to the shortcomings of using chronological age to 

predict work outcomes, including retirement intentions (Nagy et al., 2022). In their 2018 paper, 

Zacher & Rudolph demonstrated that subjective age can in fact predict work outcomes above and 

beyond chronological age. Subjective age is believed to be multidimensional, comprised of feel-

age (the age individuals feel emotionally), look-age (how old individuals perceive themselves to 

look), do-age (how active or engaged individuals feel relative to their age), and interest-age (how 

old individuals feel based on their intellectual curiosity or interests; Kornadt et al., 2016). These 

dimensions show that subjective age is not simply about how old someone feels in general but 

across personal, physical, social, and cognitive domains. This multidimensional view allows a 

more nuanced understanding of subjective aging experiences and how they may differ by domain 

and individual. One of the most commonly utilized methods of measuring subjective age is felt 

age (simply asking individuals how old they feel; Kotter-Grühn et al., 2015). 



7 

 

The interest in this concept stems from unique qualities of subjective age that set it apart 

from chronological age. Unlike chronological age, subjective age is influenced by a range of 

personal and environmental factors (Barrett, 2003; Bergland, 2014; Hubley & Russell, 2009). 

This makes subjective age malleable (Nagy et al., 2019), positioning it as a far more dynamic 

concept for researchers and practitioners who seek to propose or implement interventions that 

improve the workplace. By understanding what informs subjective age–as well as which 

organizational outcomes subjective age in turn influences–practitioners can better influence 

employee behavior and engineer workplaces to promote beneficial behaviors.  

Additionally, subjective age is interesting in that it offers workers the unique opportunity 

to access several benefits by simply reframing how they feel about their age. Theoretically, a 

workforce with lower subjective ages should be more engaged in their work, and have weaker 

retirement intentions (Nagy et al., 2022). This should be of great interest to organizational 

researchers and practitioners. Subjective age is increasingly understood as a construct with both 

trait-like and state-like characteristics. Traditionally, research has examined subjective age as a 

relatively stable individual difference, reflecting consistent perceptions of how old people feel 

compared to their chronological age (Armenta et al., 2018). However, recent evidence highlights 

that subjective age can fluctuate meaningfully over short timescales, such as day to day, 

suggesting it also functions as a dynamic, state-like construct responsive to daily experiences and 

situational factors (Armenta et al., 2018). Complementing this perspective, longitudinal research 

has shown that subjective age varies across life domains (e.g., health, work, leisure) and changes 

over longer periods, such as several years, influenced by individuals’ future self-views and the 

salience of age-related stereotypes (Kornadt et al., 2018). This multidimensional and partially 
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flexible nature underscores that subjective age is shaped by both stable dispositions and dynamic 

processes, varying across contexts and over time. 

Current research shows better physical health, well-being, and strong mastery beliefs to 

be negatively associated with subjective age (Barak & Stern, 1986; Barrett, 2003; Hubley & 

Russell, 2009; Infurna, 2010). Additionally, research by Barrett (2003) found that disparities in 

age identity are most pronounced among older adults. This means that as individuals ages, 

variability in how they define their own age increases, thus making chronological age a poor 

model for capturing–or predicting–meaningful information about them. This finding is in line 

with the theory of aged heterogeneity (Nelson & Dannefer, 1992), which states that people of 

similar age become increasingly heterogeneous with progressing age (Nagy et al., 2019). This 

theory can help explain and understand the spectrum of perceived ages that exists within 

workers–especially older workers. 

Importantly, this discrepancy–in how old late-career individuals feel compared to their 

chronological age–has consequences for well-being. Armenta et al. (2018) found that older 

workers were less likely to attribute personal negative events to age when they felt younger. 

Conversely, older workers who strongly identified with their age group were more likely to 

attribute social negative work events to age. In their study, individuals attributing personal 

negative events (e.g., forgetfulness, errors) to age, led to lower levels of cognitive engagement. 

This ties subjective age–and the self-directed attributions tied to aging–directly to one’s ability to 

focus on work tasks and opportunities at work. This perspective provides a foundation for 

exploring individual differences in the workplace and understanding how such differences might 

impact the ways in which employees tailor their work experiences to better suit their evolving 

needs and preferences–a process known as job crafting. As a note, while the previously 
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referenced papers use varied terminology, subjective age bias, age identity, and subjective age 

are similar in that they all reflect individuals’ perceived age relative to their chronological age 

(Armenta et al., 2018; Barrett, 2003; Montepare, 1996). 

Job Crafting 

Job crafting is a process in which employees take an active role in reshaping their work 

experiences by modifying various aspects of their jobs, including cognitive, task, and relational 

dimensions (Wrzesniewski & Dutton, 2001). This approach asserts that employees engage in job 

crafting to shape their work environments to better align with their personal strengths, 

preferences, and aspirations. Wrzesniewski and Dutton (2001) argue that individuals who job 

craft seek to maintain control, create a positive self-image, and connect with others–goals which 

align closely with the three needs outlined in self-determination theory (SDT; Deci & Ryan, 

2012). Tims and Bakker (2010) later explored job crafting through the lens of the job demands 

resources (JD-R, Bakker & Demerouti, 2007) model, suggesting that employees utilize job 

crafting to initiate changes in job demands and resources. The authors posit that job resources, 

intrinsic and extrinsic, can be modified by employees in three ways: increasing resources (e.g., 

asking for feedback from a supervisor), increasing demands (e.g., taking on extra tasks), or 

decreasing demands (e.g., making a job emotionally less intense) (Bakker & Demerouti, 2007; 

Tims & Bakker, 2010, 2012). 

More recently, Zhang and Parker (2019) reconceptualize and integrate prior research on 

job crafting, proposing a hierarchical structure to job crafting–one that consists primarily of 

approach crafting and avoidance crafting behaviors. The authors suggest that employees either 

craft to approach or to avoid workplace demands and resources. Again, approach crafting 

consists of proactive behaviors aimed at increasing engagement, learning, and positive 
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experiences at work (Zhang & Parker, 2019). For example, employees may seek resources by 

asking for feedback, take on additional responsibilities to grow professionally, or build stronger 

relationships with colleagues to foster a supportive environment. On the other hand, avoidance 

crafting focuses on reducing demands, stressors, or negative experiences at work (Zhang & 

Parker, 2019). Examples include delegating repetitive tasks, minimizing interactions with 

difficult colleagues, or reframing one’s job to better align with interests. These two crafting 

constructs have been shown to have starkly different and almost opposite antecedents and work 

outcomes (Lopper, 2023). While approach crafting is typically positively associated with 

positive outcomes like increased engagement and performance, avoidance crafting is typically 

negatively related to such outcomes (Rudolph et al., 2017; Lopper et al., 2024). Further, because 

employees can engage in both approach crafting and avoidance crafting simultaneously, it makes 

little sense to aggregate the two to create one global job crafting factor. For these reasons, the 

approach/avoidance measure of job crafting, as presented by Lopper et al. (2024), makes the 

most theoretical sense and was used in this study. 

Job crafting has been extensively researched due to its clear potential to drive positive 

outcomes in workplace settings. These include increased work engagement, job satisfaction, 

psychological well-being, and performance, as well as enhanced psychological capital, reduced 

turnover intentions, and lower job strain. (Zhang & Parker, 2018; Rudolph et al., 2017; Vogt et 

al., 2016). Moreover, job crafting serves as a preventive measure against negative well-being 

issues such as burnout, job boredom, physical complaints, depression, and job strain, as 

highlighted by the findings of Zhang & Parker (2018). Understanding how job crafting, 

chronological age, and subjective age independently influence employee behavior and cognitive 

processes lays the groundwork for examining their combined effects. 
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The Effect of Age on Job Crafting 

El Baroudi and Khapova (2017) expanded on Wrzesniewski and Dutton’s job-crafting 

theory by demonstrating that age influences job-crafting behaviors and motivations, with 

younger employees more likely to engage in all types of job crafting. Younger workers, driven 

by career growth and change, tend to seek knowledge and advancement, while older employees 

prioritize intrinsic job factors like respect and an age-supportive environment. Bashir et al. 

(2021) and Beier (2022) further explore these age-related differences, noting that older workers 

focus more on reducing job demands and crafting for well-being, while younger employees 

adopt strategies to enhance their careers. Additionally, Kosenkranius et al. (2021) show that 

older employees engage more in off-job crafting for relaxation and meaning. Another study 

found that job crafting is a valuable tool for older workers specifically, as it allows them to adjust 

their roles to align with their specific needs, preferences, and capabilities (Ang, 2021). For older 

workers, this can look like modifying job tasks, such as requesting changes in responsibilities or 

work hours to reduce stress and accommodate health or caregiving demands. Additionally, older 

workers tend to focus on shaping work relationships, emphasizing mentorship and knowledge 

transfer to fulfill generativity motives and foster meaningful connections. Furthermore, older 

workers often seek opportunities to increase task variety, engaging in new challenges or 

changing job scopes to maintain engagement and avoid monotony (Ang, 2021). 

Theoretically, it makes sense for subjective age and job crafting to be closely related (as 

illustrated in Figure 1), particularly when viewed through the lens of socioemotional selectivity 

theory (SST; Carstensen, 1993). SST suggests that as people perceive their remaining time as 

limited, they shift their goals toward maximizing emotional well-being and reducing stress. This 

goal-shift can directly impact job crafting, seeing as individuals use crafting to better fit their 
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goals and preferences. For individuals with a younger subjective age—who feel that they have 

plenty of time ahead—it is expected that job crafting would emphasize growth-oriented or 

"approach crafting" behaviors. It makes theoretical sense for these individuals to be more likely 

to seek new opportunities, set challenging goals, and prioritize actions that may lead to long-term 

benefits, like skill-building or expanding their professional network (Nagy et al., 2019). This 

expectation is supported by research showing that individuals with an open-ended future time 

perspective actively seek additional resources and challenges in the workplace to achieve their 

long-term developmental goals (Kooji et al., 2017). 

This also aligns with SST, as a perceived abundance of time makes these individuals 

more likely to focus on future rewards and self-improvement. Conversely, individuals with an 

older subjective age—who feel that time is limited—would be expected to engage in "avoidance 

crafting," aiming to minimize stress and prioritize emotional satisfaction. For example, they may 

avoid high-stress tasks or limit their involvement in projects that don't align with their current 

interests or values. This approach reflects SST’s idea that as people feel their time is running out, 

they become more selective, focusing on maintaining positive emotional states over long-term 

ambitions. Research by Nagy et al. (2019) and Zacher and Rudolph (2019) supports this 

relationship by showing that subjective age, rather than just chronological age, significantly 

impacts how late-career individuals craft their jobs. Those who feel young engage in more 

proactive crafting of their roles. 

Additionally, job crafting positively contributes to work meaningfulness, emphasizing its 

importance for older workers aiming to maintain engagement and satisfaction in their careers. 

This suggests that subjective age provides a meaningful context for understanding job crafting 

behaviors across different career stages, with SST highlighting how individuals adapt their goals 
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based on their perception of time left in life. Lastly, the study by Nagy et al. (2019) included the 

three proactive dimensions of job crafting—increasing structural job resources, increasing social 

job resources, and increasing challenging job demands—while excluding the dimension of 

decreasing hindering job demands due to its weaker factor loadings and conceptual misalignment 

with the growth-oriented nature of job crafting. This distinction highlights the importance of 

conceptualizing job crafting as two separate constructs, with approach crafting focused on 

proactive behaviors and avoidance crafting addressing stress reduction strategies. Thus, I 

propose: 

Hypothesis 1a: Subjective age will be negatively associated with approach crafting. 

Hypothesis 1b: Subjective age will be positively associated with avoidance crafting. 

Age-Inclusive Human Resource Practices 

 Building on this, age-inclusive human resource practices can play a vital role in shaping 

work environments that not only accommodate diverse age cohorts but also support employees 

in engaging in job crafting behaviors that align with their unique needs and goals. These 

practices not only help address age-related biases but also empower older employees to engage 

more fully in their roles through mechanisms such as job crafting. AIHRP are bundles of HR 

practices aiming to provide equal opportunities for employees of all age groups with regard to 

recruiting, training and development, promotion, and managerial support (Burmeister, 2018). 

These practices play an important role in positively influencing employee work engagement, as 

well as fostering an environment that recognizes and supports workers of all ages (Fan et al., 

2023; Burmeister, 2018; Rudolph & Zacher, 2021). 

The exact nature of the relationship between AIHRP, subjective age, and job crafting 

behaviors has yet to be explored, however, such research could have profound impacts on 
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organizations. AIHRP have been found to positively impact the occupational future time 

perspective (OFTP)—defined as an individual's perception of their remaining time and 

opportunities in the workplace (Rudolph et al., 2018)—of workers, leading to the thriving of 

older workers, as noted by Oliveira (2021). This is significant because OFTP mediates the 

relationship between subjective age and job crafting (Zacher & Rudolph, 2019). Further, AIHRP 

positively affect job crafting toward strengths and voice behavior in older workers (Peng et al., 

2024). Additionally, findings by Ang (2021) support the idea that AIHRP serves as a valuable 

job resource for older employees. Their study highlights the importance of age-inclusive HR 

policies, such as flexible work arrangements and tailored development opportunities, in fostering 

job crafting behaviors and supporting older workers' continued productivity and well-being. 

Additionally, the study emphasizes that proactive job crafting behaviors, supported by 

organizational practices, play a crucial role in mitigating the negative effects of aging in the 

workplace, such as reduced motivation or burnout. Accordingly, I expect AIHRP to have a 

positive main effect on approach crafting and a negative main effect on avoidance crafting; 

however, this relationship is not the primary focus of the current study. Therefore, I do not 

formulate a formal hypothesis about this main effect, but I include it in the model to account for 

its potential influence. In line with previous research on AIHRP, this study expects the 

following: 

Hypothesis 2a: The relationship between subjective age in employees and avoidance 

crafting will be buffered by AIHRP, such that employees who perceive more intense AIHRP in 

the workplace experience a weaker positive effect of subjective age on avoidance crafting. 
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Hypothesis 2b: The relationship between subjective age in employees and approach 

crafting will be buffered by AIHRP, such that employees who perceive more intense AIHRP in 

the workplace experience a weaker negative effect of subjective age on approach crafting. 

Retirement Intentions 

Lastly, it is anticipated that subjective age and crafting behaviors will be closely 

associated with an individual's intentions to retire (see Figure 1), which encompass their planned, 

expected, or preferred age for retirement (Nagy et al., 2022; Cleveland et al., 1997). Length of 

labor force participation and the timing of one's exit has vast economic, organizational, and 

individual implications (AARP, 2025; Coulter & Faulkner, 2014; Osborne, 2012). Part of the 

economic impact arises from the United States’ rapidly ageing populations alongside increased 

life expectancies (AARP, 2025; Manton et al., 2006). This combination has contributed to rising 

pension and healthcare costs (Solem et al., 2016). As such, many governments, including the 

U.S. government, have used policy to halt early retirement and extend working lives past the 

typical age of retirement (Solem et al., 2016; Browne et al., 2019). Examples of such policies 

include the gradual increase in social security full retirement age from 65 to 67 and the offering 

of delayed retirement credits (Social Security Administration, 2025). Add increasing Medicare 

costs (KFF, 2024) to this equation and the intense strain on welfare systems becomes a severe 

concern necessitating immediate intervention. 

Moreover, studying the determinants of retirement intentions is crucial because work—

and disengagement from work—has significant individual-level effects. Osborne (2012) found 

that individuals face several challenges when transitioning from work life to retirement, 

including a loss of identity, decision paralysis, diminished self-trust, and the experience of a 

post-retirement void. Many retirees struggle with the loss of their work/life structure, which 
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previously provided stability and purpose. The transition can also bring emotional challenges, 

such as grief over leaving a long-held career, uncertainty about how to structure their time, and 

anxiety about aging and mortality (Osborne, 2012). Additionally, social relationships play a 

crucial role, as retirees may lose workplace connections and need to establish new sources of 

social engagement to maintain well-being (Osborne, 2012; Weiss, 2005). However, recent 

research highlights that retirement is not inherently negative; rather, its impact on healthy aging 

depends on how individuals navigate this transition. When individuals are able to disengage from 

past work-related goals and reengage in new meaningful pursuits, retirement can offer 

opportunities for autonomy, leisure, and social connection, which promote well-being and 

healthy aging (Hennecke et al., 2021). Yet, for individuals who are not ready to disengage from 

past goals and who derive purpose, meaning, and community from their careers, retirement may 

pose greater risks to psychological and physical health. These individuals may benefit from 

pathways that enable them to remain engaged in work or work-like roles, such as through age-

inclusive HR practices or job crafting initiatives, helping preserve the sources of meaning and 

connection they value most. 

Importantly, delaying retirement allows organizations to extend the window for 

knowledge transfer—specifically, the transfer of best practices and organizational knowledge 

(Szulanski, 1996) between older workers and younger workers. Burmeister and Deller (2016) 

highlight that knowledge retention does not happen automatically but rather depends on factors 

such as structured HR practices, including mentorship programs and phased retirement plans. 

Their paper supports the idea that organizations can mitigate the risks of corporate memory loss, 

strengthen intergenerational learning, and sustain long-term competitiveness by purposefully 

engaging older workers. Understanding the factors that influence when and why individuals 
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choose to retire allows organizations and policymakers to design interventions that protect older 

workers from needing to face the challenges of retirement prematurely, while optimizing 

workforce participation. Accordingly, retirement intentions are worth investigating as they serve 

as a proxy–albeit an imperfect one–for an employee’s exit from the workforce. 

Perceived Financial Preparedness 

Perceived financial preparedness for retirement—the extent to which individuals believe 

they have adequate financial resources for retirement—is an important psychological and 

behavioral factor that shapes both retirement-related decisions and outcomes. In their 2000 study, 

Hershey and Mowen demonstrated that both personality traits and financial knowledge 

significantly predict individuals’ preparedness, with individuals higher in future time 

perspective, financial knowledge, and retirement involvement perceiving themselves as better 

prepared. Notably, perceived preparedness can influence retirement timing and behavior 

independently of actual financial resources, making it an important subjective factor in 

retirement research (Akben-Selcuk & Aydin, 2021; Hershey & Mowen, 2000). 

In addition to retirement intentions, perceived financial preparedness may interact 

meaningfully with subjective age, approach crafting, avoidance crafting, and age-inclusive HR 

practices. Research by Loh et al. (2023) suggests that mature workers’ decisions to continue 

working are shaped by both financial (extrinsic) and socioemotional (intrinsic) motives, with 

income concerns remaining highly relevant even as socioemotional goals gain importance with 

age. This implies that lower perceived financial preparedness may heighten workers’ motivation 

to engage in approach crafting—proactively shaping their jobs to enhance meaning and 

resources—while potentially reducing avoidance crafting, as they seek to sustain employment 

and financial security. Moreover, age-inclusive HR practices may support financially concerned 
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workers by fostering environments where older employees can continue contributing 

meaningfully, thus helping them balance financial needs with the desire for socioemotional 

fulfillment (Loh et al., 2023). Together, these factors highlight the central role of perceived 

financial preparedness in understanding how workers navigate later career stages and retirement 

transitions. 

The Impact of Subjective Age on Retirement Intentions and Financial Preparedness 

Indeed, subjective age is expected to play a crucial role in shaping retirement intentions. 

Individuals with a younger subjective age tend to view their future as open-ended, which aligns 

with an open-ended occupational future time perspective (Kooij et al., 2017; Nagy, 2019). An 

open-ended future time perspective exists when an individual perceives time as expansive rather 

than limited (Kooji, 2011). This perspective–when applied to the work context–makes 

individuals more likely to pursue long-term developmental goals at work, as they see continued 

opportunities for learning, career growth, and professional engagement. These findings are 

supported by lifespan development theories such as socioemotional selectivity theory (SST; 

Carstensen, 1993), which suggests that individuals who perceive time as abundant prioritize 

future-oriented goals and knowledge acquisition. In contrast, those who feel older and perceive 

time as limited are more likely to focus on emotional satisfaction, strengthening relationships, 

and deriving meaning from life experiences (Carstensen, 1993; Carstensen et al., 1999). As a 

result, employees with an older subjective age may be more inclined to retire earlier, prioritizing 

non-work domains that enhance their emotional well-being. Understanding the impact of 

subjective age on retirement decisions can help organizations design policies that support 

workforce retention and career development for older employees. 
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Further, past research has illustrated the connection between subjective age, retirement 

intentions, and the motivation to work (e.g., Cleveland et al., 1997; Akkermans et al., 2016), 

suggesting that individuals who feel older than their chronological age are more likely to 

consider exiting the workforce (Cleveland et al., 1997). Such research supports SST and 

establishes the understanding that feeling older is a psychological signal that retirement is on the 

horizon. This link between subjective age and retirement intentions is grounded in the idea that 

subjective age is a reflection of how individuals perceive themselves, as well as how they align 

with societal expectations regarding aging and work. Nagy et al. (2022) provide support for this 

relationship, showing that at the between-person level, employees with an older subjective age 

report stronger retirement intention. However, their study also highlights an important finding 

regarding the association between retirement intentions and subjective age on the within-person 

level. They found that rather than subjective age driving retirement intentions, an individual’s 

growing intention to retire predicts subsequent increases in subjective age over time. This 

suggests that once employees begin thinking about, or planning retirement, they may start to feel 

older as they mentally transition into a post-work identity. 

Building on this, Zacher (2022) further emphasizes the role of subjective views of aging 

in shaping career decisions. His study supports the notion that subjective age explains additional 

variance in retirement-related attitudes beyond chronological age. His work highlights that 

individuals who perceive aging negatively, especially in the context of work, may experience 

greater job dissatisfaction and lower occupational well-being, reinforcing their desire to exit the 

workforce. Importantly, Zacher (2022) suggests that workplace interventions can influence 

subjective views of aging, meaning organizations that foster an age-inclusive climate—by 

reducing age stereotypes, promoting professional development, and offering flexible work 
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arrangements—may help older employees maintain a younger subjective age and extend their 

careers. These findings emphasize the importance of considering subjective age not as a fixed 

trait but as a malleable construct shaped by both individual perceptions and organizational 

practices (e.g., age-inclusive human resource practices), with direct implications for workforce 

retention and retirement planning. 

Like retirement intentions, perceived financial preparedness is also expected to increase 

as subjective age increases. This reflects patterns commonly seen with chronological age. Older 

individuals tend to have more experience, knowledge, and opportunities for long-term financial 

planning, contributing to greater confidence in their retirement preparedness. Research by 

Hershey and Mowen (2000) emphasizes that both financial knowledge and individual 

differences, such as personality and future time perspective, significantly shape perceptions of 

financial readiness for retirement. Thus, subjective age may serve as a meaningful psychological 

marker alongside chronological age when considering how prepared individuals feel for the 

financial demands of retirement. 

The Impact of AIHRP on Subjective Age and Study Outcomes 

While subjective age is a key predictor of retirement intentions, its impact is not 

unaffected by other variables; rather, it is shaped by the broader workplace climate and the 

resources available to employees. AIHRP serve as a critical moderator in this relationship by 

fostering a work environment where employees of all ages feel valued, included, and supported 

(see Figure 1). When organizations implement AIHRP—such as flexible work arrangements, 

access to training, and equitable promotion policies (Boehm et al., 2021)—older employees may 

perceive greater opportunities for continued career growth and engagement. This, in turn, can 

weaken the link between subjective age and retirement intentions, as employees who feel older 
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do not necessarily see retirement as their only viable option. Moreover, when organizations offer 

reskilling initiatives and developmental opportunities (e.g., training, internal mobility, 

mentorship, etc.), it may signal to all employees that career progression is possible at any stage. 

Such signals are especially invaluable to older workers as they may decrease perceptions of job 

misfit. As a result, employees who might have otherwise considered exiting the workforce may 

instead choose to remain. This has key benefits to organizations–as workers continue 

contributing their expertise–and to individuals, who continue to grow professionally. Further, 

research by Nagy et al. (2022) found that thinking about retirement makes employees feel older. 

This supports the idea that organizations, and HR managers specifically, have a powerful role to 

play in shaping the way individuals perceive themselves as well as their future role of “retiree”. 

Beyond career development, AIHRP may support employees’ physical and psychological 

well-being, which can further influence the subjective age-retirement intention link. Age-friendly 

workplaces that provide ergonomic accommodations, mental health resources, and wellness 

programs may help sustain employees’ ability to work comfortably, mitigating concerns about 

physical or cognitive decline. Additionally, by fostering an inclusive social identity through 

intergenerational collaboration and the normalization of age diversity, organizations can combat 

stereotypes that push older employees toward early retirement. Employees who feel subjectively 

older but work in environments where age diversity is embraced may be less likely to view 

retirement as an inevitable next step simply because of their age. Finally, AIHRP influences the 

psychological meaning of work, allowing employees to craft their roles in ways that enhance 

engagement and purpose. SST (Carstensen, 1993) suggests that when individuals perceive time 

as limited, they prioritize meaningful experiences. If organizations cultivate work environments 
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that reinforce purpose and autonomy, perhaps even employees with an older subjective age may 

extend their time in the workforce, recognizing that their contributions remain significant. 

Similarly, AIHRP may play an important role in strengthening the relationship between 

perceived financial preparedness and age. By providing financial education, retirement planning 

resources, and flexible work options, organizations help ensure that employees feel more 

financially prepared, regardless of their age. According to Wilckens et al. (2020), organizations 

should actively support employees in the timely planning and organization of retirement savings, 

offering personal advice on maintaining financial security. These practices not only equip 

employees with practical tools but create a workplace climate that promotes long-term financial 

confidence (Boggs, 2023). As Hershey and Mowen (2000) emphasize, both financial knowledge 

and individual differences shape perceptions of retirement readiness, making AIHRP even more 

important. Together, AIHRP and subjective age are expected to work as meaningful predictors of 

how prepared employees feel for the financial demands of retirement. 

Accordingly, I propose: 

Hypothesis 3a: When controlling for AIHRP, subjective age will be positively related to 

retirement intentions in that as subjective age increases, retirement intentions will 

increase. 

Hypothesis 3b: The relationship between subjective age and retirement intentions will be 

buffered by AIHRP, such that the positive relationship between subjective age and 

retirement intentions will be weakened by the presence of AIHRP. 

Hypothesis 3c: When controlling for AIHRP, subjective age will be positively related to 

financial preparedness in that as subjective age increases, financial preparedness will 

increase. 
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Hypothesis 3d: AIHRP will moderate the relationship between subjective age and 

financial preparedness, such that the positive relationship between subjective age and 

financial preparedness will be buffered by the presence of AIHRP. 

Linking Job Crafting to Retirement Intentions and Financial Preparedness 

Individuals who engage in approach crafting tend to be more proactive and engaged in 

their work, equipping them with the resources needed to meet its demands effectively. Because 

the end result of engagement in approach crafting is improved person-job fit, job satisfaction, 

and meaningfulness (Zhang & Parker, 2019), it follows that those who engage in it are likely to 

delay retirement. Conversely, avoidance crafting, which is often motivated by the need to reduce 

job demands to a manageable level, may signal an individual’s desire to exit their job. Among 

older workers, this inclination is more likely to manifest as retirement rather than job-hopping, as 

retirement provides a complete reprieve from overwhelming demands rather than a transition to a 

new role. Research surrounding this phenomenon has found that older workers are less likely to 

opt for turnover but more likely to retire, with several explanations for this trend being offered 

(Adams and Beehr, 1998; Münderlein et al., 2013). One key factor is perceptions of work 

alternatives—employees with attractive job opportunities tend to pursue turnover, while those 

with fewer job prospects, such as older workers, are more inclined to retire (Adams and Beehr, 

1998). Additionally, financial security plays a crucial role; those who feel financially stable and 

have sufficient retirement income are more likely to exit the workforce rather than seek another 

job (Adams and Beehr, 1998; Münderlein et al., 2013). 

In their 2013 study, Münderlein et al. highlights that both poor health and financial 

stability increases the likelihood of retirement, whereas dissatisfaction with work characteristics 

is a stronger predictor of turnover. Interestingly, while one might expect physically demanding 



24 

 

jobs to push workers toward turnover, Münderlein et al. (2013) found no significant link between 

physical demands and turnover intentions—likely because physical strain is often tied to an 

occupation rather than a specific employer, meaning a job switch would not necessarily alleviate 

the burden. Instead, workers facing declining health or physically demanding jobs were 

significantly more likely to retire, viewing retirement as a means of escaping occupational strain. 

This aligns with the Job Demands-Resources (JDR; Bakker & Demerouti, 2006) theory, which 

posits that excessive job demands, particularly those without sufficient resources to mitigate 

them, drive workers toward withdrawal behaviors. For older employees with finite resources 

such as time and health, retirement presents as the most definitive form of withdrawal. 

This expected relationship between job crafting and retirement intentions is supported by 

Lichtenthaler and Fischbach’s (2018) findings, which examined the effects of promotion-focused 

and prevention-focused job crafting on older employees' motivation to continue working beyond 

retirement age, mediated by work sense of coherence and burnout. Promotion-focused job 

crafting, characterized by increasing social and structural job resources and taking on 

challenging demands, closely aligns with approach crafting (Zhang & Parker, 2019), as both 

emphasize proactive, growth-oriented behaviors that enhance engagement and well-being. This 

type of crafting is positively associated with work sense of coherence and negatively with 

burnout, ultimately boosting motivation to work past retirement age (Lichtenthaler & Fischbach, 

2018; Zhang & Parker, 2019).  

On the other hand, prevention-focused job crafting, which involves reducing hindering 

demands, parallels avoidance crafting (Zhang & Parker, 2019), as both focus on minimizing 

stressors and reducing negative aspects of the work environment. This behavior is negatively 

associated with work sense of coherence and positively with burnout, reducing motivation to 
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continue working (Lichtenthaler & Fischbach, 2018). These findings underscore the importance 

of fostering approach-oriented behaviors, such as promotion-focused job crafting, to sustain 

health and motivation among aging employees, while mitigating the potential drawbacks of 

avoidance-oriented behaviors that may impede long-term engagement. 

Perceived financial preparedness also plays an important role in shaping how employees 

engage in job crafting behaviors. As Loh et al. (2023) highlight, mature workers’ decisions to 

remain employed are driven by both financial and socioemotional motives, with income 

concerns remaining highly salient even as intrinsic goals grow in importance with age. Older 

workers who feel financially ready to retire may begin to psychologically and behaviorally 

disengage from their work roles as this perceived financial preparedness allows them to mentally 

transition toward a post-work identity (Hershey & Mowen, 2000). This can translate to less effort 

in proactively shaping their roles and instead detaching from day-to-day responsibilities  

Supporting this, Kosenkranius et al. (2021) found that older workers increasingly engage 

in off-job crafting—activities outside the workplace that promote relaxation and meaning—

rather than intensifying their engagement at work. Conversely, employees who do not feel 

financially prepared may view continued employment as a necessity. In these cases, they may be 

more likely to engage in approach crafting by proactively shaping their work to enhance 

meaning, build resources, and maintain job stability (Zhang & Parker, 2019). Taken together, 

these insights suggest that perceived financial preparedness is not only a key determinant of 

retirement timing but also a critical factor influencing how individuals manage and shape their 

work roles during the later stages of their careers. 

Accordingly, I propose: 

Hypothesis 4a: Approach crafting will be negatively associated with intentions to retire. 
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Hypothesis 4b: Avoidance crafting will be positively associated with intentions to retire. 

Hypothesis 4c: Approach crafting will be negatively associated with financial 

preparedness. 

Hypothesis 4d: Avoidance crafting will be positively associated with financial 

preparedness. 

Together, these hypotheses form the foundation of the conceptual model (Figure 1), 

which was tested empirically in the following sections. By examining the interplay between 

subjective age, AIHRP, and job crafting, this study aims to deepen the understanding of how age 

perceptions and organizational support mechanisms can increase work motivation and 

engagement, particularly for late-career employees. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



CHAPTER 3: METHODS 

Participants 

Data for the current study was collected using Qualtrics, an online survey platform. 

Participant recruitment was done through CloudResearch’s Connect platform (Hartman et al., 

2023). The use of online crowdsourcing platforms has become commonplace in organizational 

psychology research (Cheung et al., 2017). Multiple studies related to individual differences 

(Felder, 2025), employee behavior (Habla et al., 2024), and organizational practices (Lacerenza 

et al., 2024; Mendizabal Martell, 2019; Lawong, 2019) have used Connect to recruit participants. 

Importantly, Cloud Research has been shown to be able to recruit diverse age groups as seen in a 

recent publication by Baker et al. (2024). 

To qualify for this study, participants were required to be current full-time workers (e.g., 

35+ hours a week) in the United States. Participants also needed to be above the age of 50 to 

qualify for participation. This lower limit for age was chosen as organizational decision-makers 

most commonly consider employees to qualify as ‘older workers’ at ages 50, 55, and 60 

(McCarthy et al., 2014). Organizational factors, such as retirement planning and career stage, 

were the most common reasons given for labeling workers as "older." This is because workers 

are perceived as "older" when they begin thinking about financial security for retirement or are 

within a certain timeframe (e.g., 10-15 years) of retirement age. It is worth noting that 

recruitment was not limited to any specific industry or job level as to not inhibit the 

generalizability of our findings. 

Zacher and Rudolph’s (2019) study of subjective age and job crafting was examined to 

extract an appropriate effect size estimate to determine an appropriate sample size for a study of 

this nature. Their study showed that job crafting behavior was explained by subjective age (when 
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controlling for chronological age, self-rated health, and job autonomy) and obtained an R2 of 

2.02% and a standardized regression coefficient of -.14. This corresponds to an effect size of 

approximately f2 = 0.02. Accordingly, a G*Power 3.1 analysis, using linear multiple regression 

with f2 = 0.02, power of 0.80, and a total of 10 predictors, indicated that a minimum of 395 

participants would be needed, with an additional 20% recruited to account for potential data loss 

due to careless responding and attention checks. This brought the target sample size to 474 

participants. 

To ensure data quality, particularly given the use of an online crowdsourcing platform, 

several screening procedures were implemented prior to analysis. The initial collected sample 

consisted of 532 participants. Completion times were examined, and responses that were 

excessively fast or slow (±2 standard deviations from the sample mean) were flagged. Two 

participants were removed for excessively long survey completion times; the average time was 

25.15 minutes (SD = 134.50). IP addresses were evaluated to identify and exclude duplicate 

entries, resulting in the removal of 32 participants due to duplicate IP addresses. An additional 

37 participants were excluded for failing initial screener questions, providing no usable data, or 

failing embedded attention checks. One participant was removed for leaving 4 full measures and 

all demographic items entirely blank.  

Inattentive responding was further assessed using longstring analysis and Mahalanobis 

distance, implemented via the careless package in R (Yentes & Wilhelm, 2018). Longstring 

analysis, which detects participants who give the same response across several consecutive 

items, was conducted on the (12 items long) core self-evaluations measure. The analysis 

identified 9 cases using a cutoff of more than six identical consecutive responses. Mahalanobis 

distance, based on a chi-square critical value of 25, identified 55 cases as potential multivariate 
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outliers. To ensure a more conservative and content-valid approach to identifying inattentive 

responses, only the 9 participants flagged by longstring analysis were excluded from subsequent 

analyses. Missing data were minimal and did not require imputation. Only one participant was 

missing a response on the 18-item subjective age scale, which was the only measure with any 

missing data. Multiple imputation was not employed, as the extent of missingness was trivial 

(less than 1% of the total data) and limited to a single participant (Schafer & Graham, 2002). 

Listwise deletion was deemed appropriate given the negligible impact on statistical power and 

generalizability. Additionally, two participants reported being under the age of 50, which did not 

meet the eligibility criteria for the study. Further, 13 more participants reported working less than 

35 hours a week, which did not meet the eligibility criteria for the study. After applying all 

exclusion criteria, the final analytic sample consisted of 437 participants. 

The final sample consisted of 437 participants aged 50 to 81 years (M = 56.56, SD = 

5.67), all of whom were 50 years of age or older in accordance with the study’s eligibility 

criteria. The distribution of chronological age was moderately right-skewed (skewness = 1.07), 

reflecting that most participants were clustered closer to the lower end of the age range (around 

age 50). The kurtosis was 0.97, suggesting that the distribution was fairly normal. Regarding 

gender, 45.1% identified as male (n = 196), 54.5% as female (n = 237), 0.2% identified as trans 

man/trans male (n = 1), and 0.2% chose not to disclose (n = 1). The majority of participants 

identified as Non-Hispanic White or Euro-American (n = 367, 84.4%). The sample also included 

individuals who identified as Black, Afro-Caribbean, or African American (n = 30, 6.9%), 

Latinx or Hispanic American (n = 14, 3.2%), East Asian or Asian American (n = 7, 1.6%), 

South Asian or Indian American (n = 1, 0.2%), Native American or Alaskan Native (n = 4, 

0.9%), Multiracial (n = 10, 2.3%), and custom self-described identities (n = 2, 0.5%). 
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Educational attainment was varied, with 9.0% holding a high school diploma or 

equivalent, 29.2% reporting some college or an associate degree, 40.2% holding a bachelor’s 

degree, 16.6% holding a master’s degree, and 5.1% holding a doctoral degree. Participants 

reported their total household income before taxes for the past year by selecting one of six 

predefined ranges. The distribution of income was as follows: 0.5% reported an income of $0–

$20,000, 9.2% reported $20,001–$40,000, 17.5% reported $40,001–$60,000, 16.6% reported 

$60,001–$80,000, 13.6% reported $80,001–$100,000, and 42.8% reported household incomes of 

$100,000 or more. The average organizational tenure among participants was 12.63 years (SD = 

9.57), with tenure ranging from 0 to 45 years. Average hours worked was 42.74 (SD = 5.86). The 

most commonly represented industries were Education, Training, and Library Services (12.4%), 

Business and Financial Operations (10.6%), and Computer and Mechanical Occupations 

(10.1%). 

Procedure 

The survey was hosted on CloudResearch’s Connect platform, accessible to eligible 

participants. Participants were provided with a brief overview of the study’s purpose (see 

Appendix A) and given the option to electronically consent to data collection (see Appendix B). 

All participants’ identities remain anonymous, with no identifying information linked to their 

responses. Initial screening was used to identify and filter out bot activity, assess employment 

status, and attention. Participants who passed the screening completed a series of validated 

measures that were presented in a randomized fashion, so that each presentation was unique to 

the participant. These measures assessed subjective age (Montepare, 1996), job crafting (Lopper, 

2023), age-inclusive HR practices (Boehm et al., 2014), retirement intentions (Oakman & Wells, 

2013), and perceived financial preparedness (Hershey & Mowen, 2000). Demographic 
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information was also gathered with relevant demographic factors (e.g., chronological age, health, 

education, household income etc.) used as controls (see Appendix C). 

Additional variables were measured for use in analyses. All regression models examined 

whether subjective age predicts outcomes above and beyond established individual differences 

and emotional attachment to one’s organization. The measures that were collected and used as 

covariates are as follows: core self-evaluations (Judge et al., 2003), psychological capital 

(Dudasova, 2021), and affective commitment (Meyer & Allen, 1991). Furthermore, a measure of 

turnover intentions, while not directly related to this study’s primary research questions, was 

used in exploratory models. Lastly, occupational future time perspective (Zacher & Frese, 2009) 

was measured but not used in this study. To ensure data quality, three validity checks were 

embedded within the survey (1 per every 50-100 items; Muszyński et al., 2023), instructing 

participants to respond to specific items in a prescribed manner. For instance, a validity check 

instructed participants to select “Strongly disagree” on a given item (Muszyński et al., 2023). 

Lastly, participants received monetary compensation of $2.25 for their participation. 

Measures 

Subjective Age 

Subjective age was measured through an adapted version of the Subjective Age and 

Gender Scale (SAG; Montepare, 1996). This 18-item questionnaire scale consists of three 

subscales to assess subjective age: psychological subjective age, social subjective age, and 

physical subjective age. The psychological subjective age subscale consists of 7 items and 

assesses a respondents age in relation to their state of mind. The social subjective age subscale 

consists of 6 items and assesses ones perceived age in relation to social activities and behaviors 

(Montepare, 2020). Thirdly, the physical subjective age subscale consists of 5 items and captures 
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respondents’ felt age in relation to their physical condition and characteristics (Montepare, 

2020). Each subscale provides an item stem, allowing participants to complete the item with one 

of the following endpoints: (1) Much Younger than my Actual Age, (2) Younger than my Actual 

Age, (3) My Age, (4) Older than my Actual Age, (5) Much Older than my Actual Age. Example 

item stems for the psychological subjective age subscale are “Most of the time I feel” and “My 

motivation to learn new things is most like that of people who are”. Example item stems for the 

social subjective age subscale are “My interests and activities are most like those of people who 

are” and “When I'm at work/school I feel”. Example item stems for the physical subjective age 

subscale are “My physical appearance is most like that of people who are” and “My medical 

health is most like that of people who are”.  

The full scale and included items are described in Appendix C. After collecting responses 

on each subscale, a composite score for overall subjective age was calculated by averaging 

ratings across all eighteen items. This composite index could range from 1 to 5, with lower 

scores representing younger age identities, and higher scores indicating older age identities. 

Subscale scores for this measure have demonstrated strong internal consistency in previous 

research, with high Cronbach's alpha values for the psychological subscale (a=.87), the physical 

subscale (a=.83), and the social subscale (a=.86; Montepare, 1996). Another demonstration of 

this scale's adaptability and internal consistency comes from a study by Hubley and Arim (2012). 

In their study, items pulled from Montepare’s Subjective Age and Gender scaled produced an 

overall Cronbach’s alpha of 0.82. In the current study, the overall Subjective Age and Gender 

Scale demonstrated high reliability (α = .91, 95% CI [.90, .92]; ω = .93, 95% CI [.91, .94]). The 

three subscales–psychological (α = .78, 95% CI [.75, .81]; ω = .85, 95% CI [.83, .89]), social (α 
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= .83, 95% CI [.80, .85]; ω = .90, 95% CI [.84, .91]), and physical (α = .84, 95% CI [.81, .86]; ω 

= .87, 95% CI [.85, .90])–also demonstrated good reliability. 

Several measures of subjective age exist within the literature, including identity age, 

comparative age, feel/felt age, cognitive age, and stereotype age (Barak & Stern, 1996). 

Subjective age is commonly measured using a single felt age item (e.g., How old do you 

generally feel in years?; Zacher & Rudolph, 2019), however this approach has several 

methodological issues. Single item scales lack the depth needed to capture multidimensional 

constructs, like subjective age. Single item scales also tend to be less reliable and susceptible to 

random error compared to multi-item scales. Additionally, the usage of multiple items decreases 

the potential for item misinterpretation. The multi-item SAG scale addresses these issues by 

providing a more comprehensive and accurate assessment of subjective age. 

Age-Inclusive HR Practices 

Age-inclusive HR practices were assessed using the Age-Inclusive Human Resources 

Practices (AIHRP) measure (Boehm et al., 2014). The AIHRP measure was developed to assess 

the degree to which organizations implement HR practices that support inclusivity across age 

groups, as no prior validated scale existed in this area (Avery & McKay, 2010). This measure 

consists of five items rated on a five-point Likert scale (1 = very low intensity to 5 = very high 

intensity), each gauging specific practices aimed at creating an age-friendly work environment. 

Example items include “To what extent does your organization provide equal opportunities to be 

promoted, transferred, and to make further career steps irrespective of one’s age?” and “With 

what intensity does your company offer equal access to training and further education for all age 

groups?” The scale was validated in a study of 108 German small and medium-sized firms. Both 

an exploratory factor analysis and a confirmatory factor analysis support a single-factor solution, 
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with adequate model fit (CFI = .97). Internal consistency was measured at α = .66. Beyond the 

initial validation, an adapted version of the scale was administered to a U.S. sample and 

produced a Cronbach’s alpha of .86 (Li et al., 2020). The scale score was created by averaging 

responses across all five items, providing an overall measure of age inclusivity within an 

organization's HR practices. In the current study, this measure demonstrated high reliability (α = 

.83, 95% CI [.81, .86]; ω = .89, 95% CI [.87, .91]). 

Approach-Avoidance Crafting 

Approach and avoidance crafting are measured using the Approach-Avoidance Job 

Crafting Scale (AAJCS; Lopper et al., 2023). This scale is designed to assess job crafting 

through two independent factors: approach and avoidance crafting. Approach crafting involves 

actions aimed at enhancing positive job aspects, whereas avoidance crafting targets the reduction 

of negative aspects. The AAJCS has a hierarchical structure with three levels, comprising two 

overarching factors (approach and avoidance crafting) at the highest level, four dimensions at the 

second level (behavioral and cognitive forms within each factor), and eight specific dimensions 

at the third level that reflect combinations of crafting form and resources or demands. The third 

level includes these eight dimensions: (1) approach behavioral resources, (2) approach 

behavioral demands, (3) approach cognitive resources, (4) approach cognitive demands, (5) 

avoid behavioral resources, (6) avoid behavioral demands, (7) avoid cognitive resources, and (8) 

avoid cognitive demands. The approach behavioral resources/demands crafting dimensions are 

captured using items such as “I look for tasks that enable me to use my skills” and “I invest 

additional time and effort to do my tasks better” respectively. The approach cognitive 

resources/demands crafting dimensions are captured using items such as “I can see how my tasks 

help me to advance professionally” and “I perceive difficult tasks as a positive challenge” 
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respectively. The avoid behavioral resources/demands crafting dimensions are captured using 

items like “I invest less time in tasks that do not require me to use my skills” and “I postpone 

tasks that I consider unnecessary” respectively. The avoid cognitive resources/demands crafting 

dimensions are captured through items like “I do not take tasks seriously where I cannot use my 

skills” and “I take mental distance from stressful tasks”, respectively. Responses were collected 

using a 5-point Likert scale ranging from 1 (totally disagree) to 5 (totally agree). 

Although the AAJCS measures eight dimensions at the third level and four dimensions at 

the second level of its hierarchical structure, these were collapsed into the two higher order 

factors, approach and avoidance crafting, for parsimony. This decision aligns with the goal of the 

present study, which is to examine the general effects of job crafting on outcomes, where detail 

beyond approach versus avoidance is unnecessary. Moreover, Lopper et al. (2023) demonstrated 

that this two-factor solution is both reliable and valid, emphasizing only that approach and 

avoidance crafting should not be aggregated into a single global job crafting factor. Reliability 

analyses show adequate internal consistency for both approach crafting (α = .94) and avoidance 

crafting (α = .93) in a sample of 513 German workers. The two-factor solution of the AAJCS has 

also demonstrated high reliability outside of the initial validation, even in cross-cultural contexts. 

In a 2023 study conducted on Chinese Kindergarten teachers, the approach job crafting scale 

demonstrated and alpha of 0.96, while the avoidance job crafting scale demonstrated an alpha of 

0.94 (Lin et al., 2023). In the initial validation study, validity evidence was supported through 

confirmatory factor analyses and criterion validity tests, which linked approach crafting to 

positive work outcomes like engagement and performance and avoidance crafting to reduced 

engagement (Lopper et al., 2023). Scale scores are calculated as the mean response across items 

for each dimension, reflecting participants’ tendencies toward approach or avoidance behaviors 
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in job crafting. In the current study, reliability analyses showed adequate internal consistency for 

both approach crafting (α = .93, 95% CI [.92, .94]; ω = .94, 95% CI [.93, .95]) and avoidance 

crafting (α = .90, 95% CI [.88, .91]; ω = .92, 95% CI [.91, .93]). 

Retirement Intentions 

Retirement intentions were captured using the retirement intentions measure (Oakman & 

Wells, 2013). Respondents were presented with the following open-ended items: “What is your 

intended timing of retirement? (years),” “What age do you intend to retire at?” and “What will 

drive your decision to retire?” This multi-item approach provided a well-rounded understanding 

of participants’ retirement intentions while also serving as a data quality check. Construct 

validity was supported by a meaningful association with high job satisfaction, a psychosocial 

factor that has been shown to predict delayed retirement intentions (Oakman & Wells, 2013), 

thereby supporting the scale’s validity in indicating extended workforce participation. In this 

study, the item “What is your intended timing of retirement? (years)” was used to capture the 

strength of each participants’ retirement intent. For analysis, each response was negated so that 0 

represented the maximum time to retirement. 

Perceived Financial Preparedness 

Perceived financial preparedness was assessed using the scale developed by Hershey and 

Mowen (2000). Participants rated their agreement with four statements reflecting their awareness 

of and preparation for retirement savings: (1) “The calculations have been made to estimate how 

much money I will have saved for retirement,” (2) “I know how much money I will need to 

comfortably retire,” (3) “I know how much money I must save each month in order to retire at a 

comfortable level,” and (4) “I am saving enough each month to retire comfortably.” Responses 

were recorded on a five-point Likert scale ranging from 1 (Strongly Disagree) to 5 (Strongly 
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Agree), with higher scores reflecting greater perceived financial preparedness for retirement. 

Prior research has established the construct validity of this scale by demonstrating its association 

with retirement planning behaviors and financial goal clarity (Hershey & Mowen, 2000). In the 

current study, reliability analyses showed adequate internal consistency for perceived financial 

preparedness (α = .92, 95% CI [.91, .93]; ω = .94, 95% CI [.93, .95]). For analysis, item scores 

were averaged to create a composite perceived financial preparedness score, with higher values 

indicating stronger confidence in one’s retirement readiness. 

Demographic Information 

The demographic survey collected information across several key areas, including 

personal, employment, health, and financial characteristics. It gathers personal details such as 

age, gender identity with inclusive options, and racial or ethnic heritage, allowing respondents to 

select multiple categories or provide custom responses. Employment-related questions cover 

current status (e.g., full-time, part-time, retired), average weekly work hours, absenteeism in the 

past 30 days, the percentage of remote work, occupational category, job title, and tenure at the 

current job. The survey also assesses self-rated health status using a five-point scale from 

“Excellent” to “Poor.” Additionally, financial information was collected by asking about total 

household income within specified brackets and the highest level of education attained, ranging 

from no formal schooling to graduate degrees. The survey is designed to comprehensively 

capture diverse demographic characteristics. Scale anchors, directions, and demographics are in 

Appendix C. 

Core Self-evaluations 

Core self-evaluations were included as a covariate in regression analyses because of prior 

research indicating that CSE can confound the relationship between subjective age and job 
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crafting. Specifically, Zacher and Rudolph (2019) found that CSE is negatively associated with 

subjective age and positively associated with job crafting behavior, such that controlling for CSE 

weakens or eliminates the observed negative link between subjective age and job crafting 

(Zacher & Rudolph, 2019). Including CSE therefore helps isolate the unique effect of subjective 

age on job crafting by accounting for these underlying, more fundamental self-evaluations. The 

Core Self-Evaluations Scale (CSES) is a 12-item measure designed to capture a single, higher-

order latent trait reflecting individuals’ fundamental appraisals of their worth, competence, and 

control. This measure draws on four core dimensions: self-esteem, generalized self-efficacy, 

locus of control, and emotional stability. Participants rated their agreement with each item on a 

5-point Likert scale from strongly disagree (1) to strongly agree (5), with six negatively worded 

items reverse scored. For analysis, item scores were averaged to create a composite score, where 

higher values indicate stronger positive self-evaluation. The scale has demonstrated good 

reliability across multiple samples, with coefficient alpha values consistently above .80, strong 

test–retest reliability (α = .81), and evidence for a unidimensional factor structure supporting its 

construct validity (Judge et al., 2003). In the current study, the CSES demonstrated good 

reliability (α = .91, 95% CI [.90, .92]; ω = .93, 95% CI [.92, .94]). 

Psychological Capital 

Psychological capital was included as a covariate in regression analyses. The Compound 

Psychological Capital Scale - Revised (CPC-12R) was used to capture psychological capital in 

participants. The CPC-12R is a 12-item self-report measure which consists of hope, self-efficacy, 

resilience, and optimism (Dudasova et al., 2021). The original scale uses a 6-point Likert 

response format ranging from 1 (strongly disagree) to 6 (strongly agree) and was adapted to a 5-

point Likert response format for format consistency in this study. Example items include "I am 
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confident that I could deal efficiently with unexpected events" and "After serious life difficulties, 

I tend to quickly bounce back". The revision was based on findings that the original CPC-12 had 

psychometric limitations, particularly with the resilience subscale. The CPC-12R has been 

validated through confirmatory factor analysis on samples of Czech employees (n = 333), US 

employees (n = 385), and German employees (n = 202) demonstrating improved factorial 

validity and internal consistency (Dudasova et al., 2021; Lorenz et al., 2022). Composite 

psychological capital scores are calculated by averaging subscale scores, reflecting an 

individual’s overall psychological capital (Dudasova et al., 2021). In the present study, reliability 

estimates for this scale were good (α = .94, 95% CI [.93, .95]; ω = .95, 95% CI [.94, .96]). 

Affective Commitment 

 Affective commitment was included as a covariate in regression analyses. This decision 

was informed by prior research demonstrating that affective commitment is linked to key study 

variables. For example, age-inclusive HR practices and employee perceptions of HR practices 

have been associated with affective commitment (Laguerre, 2022; Boggs, 2023), and an older 

subjective age has been found to be positively related to organizational commitment (Boggs, 

2023). Engagement in proactive job crafting can increase commitment to the organization 

(Bashir et al., 2021), with task and cognitive crafting specifically showing significant 

associations with affective commitment (Tims & Bakker, 2010). Additionally, organizational 

commitment has been shown to explain variance in retirement intentions among older workers 

(Jones & McIntosh, 2010).  

Affective commitment was measured using the eight-item Affective Commitment Scale 

(Allen & Meyer, 1990), with items rated on a 5-point Likert scale (1 = strongly disagree to 5 = 

strongly agree); an example item is “I would be very happy to spend the rest of my career with 
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this organization.” Out of the three components of organizational commitment, only affective 

commitment was included in this study’s survey to conserve the item budget, and the original 

six-item scale was reduced to four positively worded items by removing the four reverse-scored 

items for the same reason. A confirmatory factor analysis specifying a single latent factor of 

affective commitment indicated good item loadings (standardized loadings ranging from .72 to 

.89). These results support the unidimensional structure of the reduced four-item scale used in 

the present study. Prior research has found this scale to demonstrate good internal consistency (α 

= .87; Allen & Meyer, 1990). In the present study, reliability estimates for this scale were good 

(α = .87, 95% CI [.85, .89]; ω = .90, 95% CI [.88, .92]). 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



CHAPTER 4: RESULTS 

Hypotheses were tested using a combination of correlation analyses for those predicting 

associations and regression models for those involving interactions. These analyses were 

conducted using the stats package in R (R Core Team, 2024). Following these tests, 

supplemental analyses were conducted to test the theoretical moderated mediation model and to 

evaluate turnover intentions as an alternative work withdrawal outcome. It is also worth noting 

that perceived financial preparedness for retirement was modeled as both a theoretically justified 

covariate and an outcome within the structural model. Specifically, it was included as a control 

in the prediction of retirement intentions based on prior research suggesting that an individual’s 

perception of their own financial preparedness can impact the timing of retirement (Akben-

Selcuk & Aydin, 2021). At the same time, perceived financial preparedness was also treated as a 

dependent variable, predicted by subjective age and job crafting behaviors. This dual role reflects 

its conceptual position within the broader model: not only does financial preparedness influence 

retirement decision-making (Akben-Selcuk & Aydin, 2021), but it is also shaped by individual 

differences and behaviors (Hershey & Mowen, 2000). Modeling perceived financial 

preparedness as both a predictor and an outcome allowed for a more comprehensive 

understanding of how subjective age and contextual factors jointly contribute to retirement-

related outcomes. 

To ensure robust findings, chronological age, health, tenure, education, income, core self-

evaluations, psychological capital, and affective commitment were included as covariates in all 

regression models. Chronological age was included as it is a fundamental variable in aging 

research. Chronological age shapes time horizons and motivational priorities, as proposed by 

Socioemotional Selectivity Theory (Carstensen, 1993), thus controlling for age ensures that 
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observed effects of subjective age are not simply proxies for objective age differences. Health is 

an important resource that is closely linked to subjective age. Past research has shown that 

healthier individuals tend to feel younger than their chronological age (Nagy et al., 2019). 

Theoretically, the relationship between health status and subjective age can be understood 

through social-cognitive mechanisms (Weiss & Weiss, 2019), where healthier individuals may 

be comparing their health status to age-related norms, thus causing them to feel younger. 

Tenure reflects accumulated organizational experience and embeddedness. This may 

influence affective commitment and retirement planning independently of subjective age, in line 

with Life-Span Development Theory’s (Baltes, 1987) emphasis on context and cumulative work-

life trajectories. In line with the Theory of Planned Behavior (Ajzen, 1991), both education and 

income are controlled for in regression analyses. Higher education is often linked to greater 

financial literacy, confidence in planning, and favorable attitudes towards saving (Akben-Selcuk 

& Aydin, 2021). Income, on the other hand, serves as an indicator of financial resources 

available to the worker. Both factors can shape a worker’s perceived behavioral control over 

retiring from the workforce. 

Core self-evaluations reflect stable personality characteristics that influence goal-setting, 

motivation, and adaptation to aging-related changes, making them important controls to isolate 

the unique effects of subjective age. As mentioned previously, Zacher and Rudolph (2019) found 

evidence of CSE confounding the relationship between subjective age and job crafting. 

Theoretically, the relationship between subjective age and CSE can be ascribed to social-

cognitive mechanisms (Weiss & Weiss, 2019). Specifically, individuals higher in CSE tend to 

feel younger because they perceive themselves as having traits culturally associated with youth 

(i.e., control, health, and competence). Drawing on Conservation of Resources theory (Hobfoll, 
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1989), psychological capital can be seen as a personal resource that enables employees to invest 

in proactive behaviors such as job crafting. Employees with greater psychological capital are 

better equipped to modify their work environment to secure additional resources, fostering a 

positive gain spiral. Affective commitment is included as a covariate as organizational 

commitment has been found to negatively predict retirement intentions (Jones & McIntosh, 

2010). Accordingly, it stands to reason that an employees’ emotional attachment to the 

organization may independently shape retirement planning beyond subjective age or HR policy 

perceptions. The delaying of retirement due to organizational attachment can also be understood 

through continuity theory (Atchley, 1989), wherein individuals strive to maintain consistency in 

their activities and social relationships as they age. 

Preliminary Analyses 

All analyses were conducted in R version 4.4.0 (R Core Team, 2024). Prior to analysis, 

the dataset was screened for outliers and assumption violations. Regression diagnostics were 

conducted to assess model assumptions and identify potential points of concern. Visual 

inspections of residual plots, including residuals vs. fitted values, Q-Q plots, and scale-location 

plots, did not reveal any clear violations of linearity, normality, or homoscedasticity. However, a 

small number of potential outliers were visually identified in these plots. To further examine 

these cases, studentized residuals were reviewed using a threshold of ±3, and the flagged cases 

aligned with those observed in the diagnostic plots. That said, these cases did not appear across 

all models, and upon further inspection, their responses appeared reasonable and did not indicate 

data entry errors. 

Multicollinearity was assessed using variance inflation factors (VIFs). All predictors 

across models demonstrated acceptable levels of multicollinearity, with VIF values ranging 
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between 1.0 and 3.5. Influential cases were also examined using Cook’s distance, with a 

threshold of 4/n = 0.009 (n = 437). Although five cases exceeded this threshold in more than one 

model, no single case was flagged across all models. Further inspection of these cases revealed 

no irregular or implausible response patterns. Taken together, these findings suggest that the 

assumptions of linear regression were reasonably met, and no cases were found to unduly 

influence the results. As a result, the final sample included 437 participants. All scales 

demonstrated strong internal consistency (see Table 1), and all variables were normally 

distributed. Assumption checks indicated no violations or abnormalities that would compromise 

the quality or validity of the data. 

Descriptive Statistics  

Table 1 presents the means, standard deviations, and Pearson correlation coefficients 

among the study variables. The mean subjective age score (M = 2.52, SD = 0.48) indicates that, 

on average, participants perceived themselves as feeling slightly younger than their actual 

chronological age. Participants’ chronological age averaged 56.60 years (SD = 5.69). They 

reported moderate perceptions of age-inclusive HR practices (M = 2.77, SD = 0.89) and 

avoidance crafting (M = 2.50, SD = 0.58), with higher levels of approach crafting (M = 3.75, SD 

= 0.62). On average, participants expected to retire in 9.94 years (SD = 6.25). Participants also 

reported moderate levels of perceived financial preparedness (M = 3.28, SD = 1.11), affective 

commitment (M = 3.39, SD = 1.10), and health (M = 2.59, SD = 0.89), with relatively higher 

levels of core self-evaluations (M = 3.63, SD = 0.73). The average organizational tenure was 

12.60 years (SD = 9.56). 

Bivariate Correlations 
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There was a positive correlation between subjective age, avoidance crafting, r(437) = .28, 

p < .01, and health, r(437) = .45, p < .01. Subjective age was negatively correlated with approach 

crafting, r(437) = −.11, p < .05, perceived financial preparedness, r(437) = −.11, p < .05, and 

core self-evaluations, r(437) = −.34, p < .01. These results provide support for Hypothesis 1a and 

1b. As subjective age increased, approaching crafting decreased, while avoidance crafting 

increased. Further, these results fail to provide initial support for Hypothesis 3a and 3b as 

subjective age and retirement intentions were not significantly correlated, r(437) = .05, p > .05. 

Lastly, these results fail to provide initial support for Hypothesis 3c and 3d as subjective age and 

perceived financial preparedness were significantly negatively correlated, rather than positively. 

Age-inclusive HR practices were positively correlated with approach crafting, r(437) = .37, p < 

.01, perceived financial preparedness, r(437) = .15, p < .01, affective commitment, r(437) = .44, 

p < .01, core self-evaluations, r(437) = .19, p < .01, and negatively correlated with health, r(437) 

= −.10, p < .05. 

Approach crafting was positively correlated with perceived financial preparedness, r(437) 

= .21, p < .01, affective commitment, r(437) = .53, p < .01, core self-evaluations, r(437) = .37, p 

< .01, and negatively correlated with both avoidance crafting, r(437) = −.19, p < .01 and 

health, r(437) = −.15, p < .01. Notably, approach crafting and retirement intent were not 

significantly correlated, r(437) = -.04, p > .05. Thus, Hypothesis 4a was not supported. While 

approach crafting and perceived financial preparedness were significantly associated, the 

positive relationship is contrary to what was hypothesized. Thus, Hypothesis 4c was also not 

supported. Avoidance crafting was positively correlated with subjective age and negatively 

correlated with both approach crafting and core self-evaluations, r(437) = −.33, p < .01. 

Similarly, Hypotheses 4b and 4d were not supported due to the absence of significant 
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correlations between avoidance crafting and retirement intent or perceived financial 

preparedness. 

Retirement intent was not significantly correlated with any of the key study variables 

(i.e., subjective age, age-inclusive HR practices, approach crafting, or avoidance crafting.) 

However, retirement intent was significantly positively correlated with perceived financial 

preparedness, r(437) = .34, p < .01, chronological age, r(437) = .56, p < .01, core self-

evaluations, r(437) = .17, p < .01, and tenure, r(437) = .18, p < .01. Perceived financial 

preparedness was significantly positively correlated with several key study variables: age-

inclusive HR practices, approach crafting, retirement intent, affective commitment, r(437) = .15, 

p < .01, core self-evaluations, r(437) = .43, p < .01, and tenure, r(437) = .14, p < .01. Lastly, 

perceived financial preparedness was significantly negatively correlated with subjective age and 

health, r(437) = −.32, p < .01. 

Overall, the correlation matrix (see Table 1) demonstrates several significant 

relationships among the key study variables, providing initial support for the hypothesized 

associations, which are further examined in the subsequent hypothesis testing section. To 

facilitate interpretation of covariate regression coefficients, education and income were dummy 

coded. "Bachelor’s degree" was selected as the reference category for education, and "income 

greater than $100,000" was used as the reference group for income. 

Linear Regressions 

While correlational evidence of a relationship between subjective age and approach 

crafting was found, this effect went away after running regressions. However, the positive 

relationship between subjective age and avoidance crafting remained significant (see Table 2). 

Therefore, Hypothesis 1b was further supported, b = 0.31, SE = 0.06, p < .001. Hypotheses 2a-
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3d were tested using linear regressions. Hypothesis 2a predicted that AIHRP would buffer the 

relationship between subjective age and avoidance crafting. The interaction term between 

subjective age and AIHRP was significant (b = 0.22, SE = 0.05, p < .001). To further understand 

these effects, a simple slopes analysis was conducted using the interactions package (Long, 

2019). Simple slopes were defined in my sample at levels of AIHRP 1 standard deviation above, 

below, and at the mean (M = 2.77). From the simple slopes analysis (see Figure 2), it was found 

that at higher levels of AIHRP (β = 0.50, SE = .07, p < .001), the positive relationship between 

subjective age and avoidance crafting was strongest. At average levels of AIHRP, the positive 

relationship remained significant (β = 0.29, SE = .06, p < .001), whereas at lower levels of 

AIHRP, the effect was not significant (β = 0.08, SE = .08, p = .310). That is, the relationship 

between subjective age and avoidance crafting is highest with high levels of age-inclusive HR 

practices. Moreover, the data did not support the existence of a relationship between subjective 

age and avoidance crafting in the presence of low levels of age-inclusive HR practices (see 

Figure 2). These findings were contrary to what was hypothesized and thus Hypothesis 2a was 

not supported. Like Hypothesis 2a, Hypothesis 2b proposed that AIHRP would buffer the 

negative association between subjective age and approach crafting. No significant interaction 

was found between subjective age and AIHRP (b = -0.05, SE = 0.05, p = .360). Therefore, 

Hypothesis 2b was not supported (see Table 3). 

Hypothesis 3a predicted that subjective age would positively predict retirement intentions 

while controlling for AIHRP. This relationship was significant (b = 1.49, SE = 0.55, p = .007). 

Therefore, Hypothesis 3a was supported. This means that a higher subjective age (i.e., feeling 

older) was predictive of greater intent to leave the workforce completely. Hypothesis 3b 

proposed that AIHRP would moderate the relationship between subjective age and retirement 



48 

 

intentions. The interaction between subjective age and AIHRP was not significant (b = 0.09, SE 

= 0.51, p = .863), thus H3b was not supported (see Table 4). Hypothesis 3c predicted that 

subjective age would positively predict perceived financial preparedness when controlling for 

AIHRP. This relationship was not supported (b = 0.21, SE = 0.11, p = .059). Therefore, 

Hypothesis 3c was not supported (see Table 5). Hypothesis 3d predicted a moderating effect of 

AIHRP on the relationship between subjective age and perceived financial preparedness. The 

interaction term between subjective age and AIHRP was not significant (b = 0.05, SE = 0.10, p 

= .628), not providing support for Hypothesis 3d. While correlational evidence was not found in 

support of hypotheses 4a-4d, regression analyses were still run to identify potential relationships 

after accounting for covariates. Hypotheses 4b-4c were not supported while hypotheses 4a and 

4d were supported (see Tables 6 and 7). This means that participants who engaged in more 

approach crafting at work expressed less desire to retire in the near future. Additionally, 

participants who engaged in more avoidance crafting at work felt more financially prepared for 

retirement. 

Supplemental Analyses 

Test of Potential Indirect Effects 

Next, a series of mediation models were specified and evaluated using the lavaan 

package in R (Rosseel, 2012). To assess the significance of indirect effects and to generate 

percentile confidence intervals, bootstrapping procedures with 5,000 resamples were performed 

using lavaan. First, a simple mediation model was used to examine whether the effects of 

subjective age on retirement intentions and financial preparedness were indirectly explained 

through job crafting (approach and avoidance). Results showed a significant indirect effect of 
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subjective age on perceived financial preparedness through avoidance crafting (95% CI [0.01, 

0.15]; see Table 8). No other indirect effects were significant. 

I then retested for mediation, this time controlling for AIHRP. The indirect effect of 

subjective age on perceived financial preparedness via avoidance crafting remained significant 

when AIHRP was included as a covariate, suggesting this mediation is robust (see Table 9). 

Lastly, I tested the full moderated mediation model. The index of moderated mediation was 

significant, indicating the presence of moderation by AIHRP on the indirect path through 

avoidance crafting (see Table 10). For easy interpretation, the conditional indirect effect of 

subjective age on perceived financial preparedness via avoidance crafting was calculated at low 

(−1 SD), mean, and high (+1 SD) levels of AIHRP. Results indicated that the indirect effect 

increased from 0.01 at low AIHRP to 0.10 at high AIHRP, supporting the presence of moderated 

mediation. 

Predicting Turnover Intentions 

In addition to testing retirement intentions in the main study analyses, a supplemental 

analysis was conducted to examine turnover intentions as an alternative withdrawal outcome. 

This addition was theoretically justified and aligns with research highlighting the broader 

implications of age-related workplace experiences on employees’ intentions to leave their 

organizations. Although the primary focus of the current study was on retirement intentions, 

particularly among older employees (age 50+), turnover intentions were considered to determine 

whether the same predictors generalize to another form of withdrawal behavior. 

Previous research suggests that subjective age, job crafting, and age-inclusive human 

resource practices are relevant predictors of turnover intentions. For instance, Kunze et al. (2021) 

found that subjective age diversity indirectly increases turnover intentions. Similarly, age-
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inclusive HR practices have been associated with positive organizational outcomes such as 

improved performance and reduced turnover intentions (Boehm et al., 2014). Moreover, a meta-

analysis by Rudolph et al. (2017) indicated that job crafting dimensions, particularly decreasing 

hindering job demands (a behavior conceptually similar to avoidance crafting) (Zhang & Parker, 

2019), are significantly associated with turnover intentions. 

To test these relationships, the same linear regression models used in the main analyses 

were conducted with turnover intentions as the outcome. The model included approach crafting, 

avoidance crafting, subjective age, AIHRP, and their interaction (Subjective Age × AIHRP) as 

predictors. Control variables included chronological age, tenure, educational attainment, income 

level, health, core self-evaluations, psychological capital, perceived financial preparedness, and 

affective commitment.  

Results revealed that subjective age was a significant predictor of turnover intentions 

when controlling for AIHRP, b = 0.24, SE = 0.10, p = .013, such that employees who felt older 

than their chronological age were more likely to consider leaving their jobs. However, the 

observed effect disappeared when the interaction term (Subjective Age × AIHRP) was added to 

the model, b = -0.05, SE = 0.27, p = .869. Avoidance crafting also significantly predicted 

turnover intentions, b = 0.29, SE = 0.08, p < .001, indicating that those who engaged in behaviors 

aimed at evading work demands were more likely to report stronger turnover intentions (see 

Table 11). In addition to these focal predictors, several control variables were significantly 

associated with turnover intentions. Notably, core self-evaluations, b = -0.79, SE = 0.10, p < 

.001, psychological capital, b = 0.62, SE = 0.10, p < .001, and affective commitment, b = -0.64, 

SE = 0.04, p < .001, were significantly related to turnover intentions (see Table 11). This 

indicates that individuals with higher core self-evaluations and affective commitment were less 
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likely to consider leaving their jobs, while those with higher psychological capital were more 

likely to consider leaving their jobs. 

Next, a series of mediation models were specified using the lavaan package in R 

(Rosseel, 2012) to examine whether the effects of subjective age on turnover intentions were 

indirectly explained through job crafting (approach and avoidance). To assess the significance of 

indirect effects and to generate percentile confidence intervals, bootstrapping procedures with 

5,000 resamples were performed using lavaan. First, a simple mediation model was used to 

examine whether the effect of subjective age on turnover intentions was indirectly explained 

through job crafting (approach and avoidance). Results showed a significant indirect effect of 

subjective age on turnover intentions through avoidance crafting (95% CI [0.03, 0.17]; see Table 

12). No other indirect effects were significant. 

I then retested for mediation, this time controlling for AIHRP. The indirect effect of 

subjective age on turnover intentions via avoidance crafting remained significant when AIHRP 

was included as a covariate, suggesting this mediation is robust (see Table 13). Lastly, I tested 

the full moderated mediation model. The index of moderated mediation was significant, 

indicating the presence of moderation by AIHRP on the indirect path through avoidance crafting 

(see Table 14). For easy interpretation, the conditional indirect effect of subjective age on 

turnover intentions via avoidance crafting was calculated at low (−1 SD), mean, and high (+1 

SD) levels of AIHRP. Results indicated that the indirect effect increased from 0.02 at low 

AIHRP to 0.13 at high AIHRP, supporting the presence of moderated mediation. These findings 

suggest that employees who feel older than their chronological age tend to engage in less 

avoidance crafting, which is associated with lower turnover intentions. However, this 

relationship is moderated by age-inclusive HR practices. In organizations with strong AIHRP, 
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the tendency for older subjective age to reduce avoidance crafting weakens or even reverses, 

leading to a stronger positive indirect effect on turnover intentions through avoidance crafting. 

This implies that age-inclusive HR practices may buffer or change the way subjective age shapes 

disengagement behaviors that lead to turnover intentions. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



CHAPTER 5: DISCUSSION 

Subjective Age 

This study builds on existing literature by examining the relationship between subjective 

age and job crafting, emphasizing the distinction between approach and avoidance crafting. As 

expected, subjective age emerged as a positive predictor of avoidance crafting but did not predict 

approach crafting. Interestingly, subjective age also interacted with age-inclusive HR practices to 

positively predict avoidance crafting, suggesting that supportive HR environments may amplify 

age-related tendencies to reduce demands or protect well-being. In contrast, AIHRP alone 

emerged as a predictor of approach crafting but not avoidance crafting. These results highlight 

that subjective age and AIHRP may differentially influence proactive versus disengagement-

oriented work behaviors. 

Subjective age appears to shape employees’ tendencies to disengage or avoid demands, 

which aligns with socioemotional selectivity theory (Carstensen, 2006), suggesting that as 

individuals perceive their future time as limited, they prioritize emotionally meaningful and less 

effortful activities. This motivational shift may become more pronounced in contexts with age-

inclusive HR practices that legitimize or support employees’ efforts to reduce demands as a 

means of sustaining well-being. In contrast, AIHRP have been shown to positively influence 

employees’ occupational future time perspective, or their sense of remaining time and 

opportunities at work (Rudolph et al., 2018), which can promote the thriving of older workers 

(Oliveira, 2021). This suggests that inclusive HR practices help create conditions where 

employees perceive ongoing opportunities for growth and development, thereby supporting 

proactive behaviors such as approach crafting. Together, these results underscore the importance 
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of addressing both personal and contextual factors when seeking to support employee 

engagement and well-being in aging workforces. 

Beyond crafting behavior, the findings also indicate that subjective age positively 

predicts retirement intentions. This is consistent with the idea that feeling subjectively older may 

increase the salience of withdrawal-related goals and planning horizons. Interestingly, while 

subjective age did not directly predict perceived financial preparedness for retirement, an indirect 

effect emerged through avoidance crafting. This suggests that as employees who feel older 

engage in avoidance crafting, reducing demands or disengaging, they may feel more financially 

prepared, perhaps by reallocating resources or adjusting expectations. These findings highlight 

the broader consequences of subjective age for employees’ retirement-related attitudes and 

planning. 

Subjective age may therefore reflect deep-seated identity, temporal perspective, and 

motivational shifts tied to aging, including a heightened desire to protect well-being. This may be 

what enables subjective age to influence individuals’ tendencies to disengage from stressful or 

demanding work tasks. The observed interaction between subjective age and AIHRP underscores 

that supportive HR practices may shape the ways in which employees respond to age-related 

experiences at work. Finally, the indirect pathway from subjective age to perceived financial 

preparedness via avoidance crafting suggests that disengagement-oriented behaviors may serve 

as a mechanism linking subjective age to broader retirement-related outcomes. These findings 

further reinforce that approach and avoidance crafting are psychologically distinct constructs, 

governed by different motivational processes with meaningful implications for late-career 

development and planning. 

Age-Inclusive HR Practice’s Role on Crafting Behaviors  
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A central contribution of this study is the demonstration that AIHRP moderate the 

relationship between subjective age and avoidance crafting. Although AIHRP were initially 

expected to weaken this relationship, the findings revealed a more nuanced effect. When AIHRP 

were perceived as high, feeling older than one’s chronological age was more strongly predictive 

of avoidance crafting than when AIHRP was average or low. A similar, though weaker, pattern 

emerged under conditions of average AIHRP. In contrast, feeling much younger than one’s 

chronological age predicted less avoidance crafting when AIHRP were high than when AIHRP 

were average (see Figure 2). 

These results suggest that AIHRP may function not as a buffer but as a contextual 

amplifier, a condition that enhances the expression of individual characteristics such as 

subjective age. Rather than dampening the influence of age-related identities, AIHRP appear to 

strengthen the alignment between how old individuals feel and how they behave at work. Prior 

research supports this interpretation. Rudolph and Zacher (2021) demonstrated that AIHRP serve 

as organizational signals indicating that employees are valued and supported regardless of age, 

while Boehm et al. (2021) emphasized that AIHRP help create age-friendly workplaces and 

foster positive age-diversity climates, shaping how employees experience and navigate age-

related identities. Similarly, Oliveira (2021) found that AIHRP foster “identity safety” for older 

workers by reducing stereotype threat and enabling more authentic self-expression, and Fan et al. 

(2023) showed that age-inclusive practices signal that diversity is valued, encouraging 

individuals to invest their authentic selves into their work roles. Collectively, these findings 

suggest that AIHRP actively shape the social context in ways that make age identities more 

behaviorally consequential, heightening rather than neutralizing the effects of subjective age.  
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In the context of the present study, this amplifying role of AIHRP may help explain why 

older-feeling workers engaged in greater avoidance crafting when AIHRP were high. The 

affirmation provided by age-inclusive practices may have inadvertently reinforced age-consistent 

disengagement behaviors, such as avoiding cognitively or physically demanding tasks. In 

practice, this means that certain age-inclusive practices, such as flexible scheduling or phased 

retirement options may signal that it is acceptable to scale back. For older-feeling employees, 

these accommodations may affirm internalized age expectations, reinforcing disengagement 

behaviors like avoiding challenging tasks. This pattern aligns with research showing that older 

workers often face gradual declines in physical and cognitive resources (Ang, 2021), potentially 

leading them to adopt avoidance crafting strategies to maintain manageable work demands. 

However, it is important to note that this strategy may not always produce the desired outcomes, 

given the limited evidence that avoidance crafting successfully leads to positive workplace 

results such as improved well-being (Zhang & Parker, 2019). By contrast, younger-feeling 

workers may have interpreted high AIHRP as validating their continued engagement and 

competence, resulting in lower levels of avoidance crafting. Thus, rather than universally 

promoting engagement, AIHRP appear to heighten the alignment between subjective age and 

behavioral patterns, allowing employees to act more consistently with how old or young they 

perceive themselves to be. 

Job Crafting 

This study contributes to the growing literature on job crafting by clarifying the distinct 

roles of approach and avoidance crafting in shaping retirement-related outcomes. Consistent with 

the JD-R (Bakker & Demerouti, 2007) perspective that job crafting is a proactive strategy for 

managing demands and resources, approach crafting in this study was associated with lower 
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retirement intentions, suggesting that employees who actively increase resources and seek 

challenges may be more motivated to remain in the workforce. In contrast, avoidance crafting 

did not predict retirement intentions but was positively related to perceived financial 

preparedness for retirement, indicating that efforts to reduce or avoid job demands may 

contribute to feelings of readiness to exit the workforce, even if they do not directly motivate 

plans to retire. This divergence underscores the importance of distinguishing crafting subtypes: 

while approach crafting is typically linked to positive work outcomes such as increased 

engagement and performance (Rudolph et al., 2017; Lopper et al., 2024), avoidance crafting may 

serve different functions that align with older employees’ motivational shifts toward maintaining 

well-being and managing finite personal resources. 

These findings align with Socioemotional Selectivity Theory, which posits that as 

individuals perceive their future time as limited, they prioritize emotionally meaningful and less 

effortful goals over growth and knowledge-seeking pursuits (Carstensen, 1993). Avoidance 

crafting may reflect a motivational shift in which employees manage stress and protect their 

well-being, thereby enhancing their perceived readiness for retirement, even if they are not 

planning to retire imminently. Although existing research does not directly link avoidance 

crafting to perceived financial preparedness for retirement, theoretical work suggests that 

avoidance crafting is an effective strategy for achieving well-being outcomes (Tims et al., 2013; 

Tims & Bakker, 2010). Furthermore, individuals with high levels of subjective well-being are 

proposed to hold a more positive outlook on retirement planning (Akben-Selcuk & Aydin, 2021). 

This theoretical connection offers a potential explanation for the results of this study. 

Conversely, approach crafting may support ongoing engagement with work, prolonging 

participation in the labor force by maintaining challenge and motivation (Zhang & Parker, 2019). 



58 

 

  

Together, these results highlight the value of examining approach and avoidance crafting as 

distinct, theoretically meaningful strategies through which employees manage work demands 

and resources in the context of aging. This distinction has important implications for 

organizations seeking to support older workers’ engagement, well-being, and retirement 

planning, emphasizing the need for nuanced HR practices that recognize and accommodate 

employees’ diverse crafting motives and needs. 

Retirement Intent Outcomes  

As expected, subjective age significantly predicted retirement intentions, even after 

accounting for chronological age. This finding supports the notion that how old employees feel is 

a psychologically meaningful factor in shaping late-career decisions, potentially even more 

influential than their actual chronological age (Akkermans et al., 2016). Individuals who 

perceive themselves as older may be more likely to envision retirement as an imminent and 

desirable life transition, aligning their intentions accordingly. Additionally, approach crafting 

was negatively related to retirement intentions, consistent with expectations. Employees who 

actively shape and engage with their work are likely to experience greater meaning, autonomy, 

and satisfaction in their roles (Zhang & Parker, 2019), which may reduce their desire to leave the 

workforce for good.  

This pattern aligns with findings by Akkermans et al. (2016), who emphasized that 

individuals with an open-ended future time perspective are guided by growth-oriented goals and 

remain motivated to pursue longer-term achievements at work. Workers who perceive many 

remaining opportunities and ample future time are more intrinsically and extrinsically motivated, 

suggesting that continued engagement in work activities is desirable and fulfilling (Akkermans et 

al., 2016). Similarly, Kooij et al. (2017) demonstrated that employees with an expansive time 



59 

 

  

perspective actively seek additional resources and challenges in the workplace to achieve their 

long-term developmental goals.  

In contrast, avoidance crafting was not significantly related to retirement intentions. This 

is consistent with prior research indicating that avoidance crafting, unlike approach crafting, is 

not associated with an open-ended future time perspective (Zhang & Parker, 2019). Employees 

who engage in avoidance crafting focus primarily on minimizing demands rather than seeking 

growth or long-term development, perhaps making their short-term disengagement behaviors 

less predictive of broader, future-oriented decisions such as retirement. Together, these findings 

reinforce the value of considering both subjective age and proactive work behaviors when 

understanding employees' retirement trajectories.  

Perceived Financial Preparedness Outcomes  

Avoidance crafting was positively associated with perceived financial preparedness, 

while approach crafting was not. This suggests that employees who feel financially ready to 

retire may begin psychologically and behaviorally disengaging from their work roles, perhaps 

because feeling financially secure allows employees to mentally transition toward a post-work 

identity, investing less effort in proactively shaping their work roles and instead beginning to 

detach from day-to-day responsibilities. Research by Hershey and Mowen (2000) supports this 

interpretation, suggesting that financial security enables older workers to psychologically plan 

for life beyond work, viewing the workplace less as a space for growth and more as a temporary 

phase before full retirement. 

On the other hand, not feeling financially prepared may not motivate older workers to 

take a more proactive stance through approach crafting, possibly because these individuals 

remain stuck in their roles by necessity rather than intrinsic motivation. Evidence suggests that 



60 

 

  

financial considerations continue to play a central role in mature workers' motivations for 

workforce participation, even as socioemotional goals gain importance with age (Loh et al., 

2023). When older employees work primarily to secure financial stability, they may experience 

work as a transactional necessity rather than a platform for growth or career development. This 

perspective is further supported by findings from Kosenkranius et al. (2021), who observed that 

older workers tend to engage more heavily in off-job crafting (that is, crafting outside the work 

domain) to enhance relaxation and meaning, suggesting that efforts to maintain well-being are 

increasingly directed outside of the workplace rather than through intensified work engagement.  

The absence of a significant relationship between approach crafting and financial 

preparedness, combined with the presence of a significant relationship between avoidance 

crafting and financial preparedness, further supports the idea that financial insecurity may lead to 

more neutral or passive work behaviors rather than proactive engagement. This interpretation 

aligns with findings by Zhang and Parker (2019), who noted that although avoidance crafting is 

theoretically conceptualized as an active coping strategy, it is often operationalized in empirical 

studies as relatively passive, withdrawal-oriented behavior. In contrast to approach crafting, 

which reflects deliberate efforts to seek growth and challenge, avoidance crafting tends to 

involve reducing or withdrawing from work demands without necessarily pursuing new 

developmental opportunities. Thus, employees facing financial insecurity may remain in their 

roles but disengage psychologically by minimizing exposure to stressors, rather than actively 

reshaping their work environments for growth. This is important because such workers may 

actually be harming both their own wellbeing and performance by engaging in avoidance 

crafting, as supported by Zhang & Parker (2019). Notably, psychological capital, health, and 

core self-evaluations were positively associated with perceived financial preparedness, 
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suggesting that employees with better psychological and physical well-being may also feel more 

confident in their retirement outlook. 

Turnover Intentions  

When considering turnover intentions as an alternative work withdrawal outcome, 

findings were largely consistent with expectations. It was anticipated that subjective age would 

remain a significant predictor of turnover intentions, just as it was for retirement intentions. What 

was particularly notable, however, was the shift in which type of job crafting behavior predicted 

withdrawal outcomes. In the retirement intentions model, approach crafting was associated with 

weaker intentions to retire, while avoidance crafting had no effect. In contrast, this supplemental 

model revealed that greater avoidance crafting—not approach crafting—was predictive of 

stronger turnover intentions. This suggests that while approach crafting may help sustain older 

workers’ commitment to their careers by reducing retirement intentions, avoidance crafting does 

not appear to influence retirement timing directly. However, when it comes to more immediate 

withdrawal behaviors, such as turnover intentions, avoidance crafting plays a stronger role. 

Specifically, workers who engage in avoidance crafting—efforts to minimize or withdraw from 

certain work tasks—may be signaling broader disengagement from the organization. This 

disengagement may translate into greater intentions to leave the organization but not withdraw 

from the workforce entirely. In contrast, approach crafting, which involves proactively seeking 

new challenges or resources, may buffer against retirement but does not necessarily reduce 

shorter-term intentions to quit. 

The significant indirect path from subjective age to turnover intentions through avoidance 

crafting was conceptually expected, even though it did not emerge in the retirement model. This 

finding suggests that employees’ subjective age influences their turnover intentions indirectly by 
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increasing their use of avoidance crafting behaviors, which, in turn, heightens their desire to 

leave the organization. This aligns with prior research showing that avoidance demands crafting 

is positively associated with turnover intentions (Zhang & Parker, 2019). Although the positive 

relationship between subjective age and avoidance crafting has not been extensively studied, it 

may be understood through the lens of SST, which suggests that as individuals perceive their 

future time as limited, they shift focus toward emotionally meaningful and less effortful 

activities. Additionally, research by Ang (2021) shows that older workers often experience 

gradual declines in physical and cognitive resources, potentially prompting them to adopt 

avoidance crafting strategies as a way to maintain manageable work demands. Building on early 

findings in this study, avoidance crafting still appears to serve as a stronger predictor of short-

term disengagement behaviors, such as turnover intentions, compared to more future-oriented 

decisions like retirement.  

  One particularly intriguing result was the lack of significance for chronological age in 

predicting turnover intentions—a variable that was significant in the retirement intentions model. 

This discrepancy may be explained by the fact that while retirement is often tied to societal 

norms and age-related milestones (e.g., turning 65 years old), turnover decisions are shaped more 

by individual motivational states and work experiences. For example, Ozkan et al. (2020) 

identified job satisfaction, organizational commitment, and empowerment as the strongest 

predictors of turnover intention. This is supported by the finding that affective commitment 

emerged as the strongest predictor of turnover intentions in this study. Similarly, other subjective 

perceptions, such as how old one feels, have the potential to be more relevant predictors of 

employees' intent to leave. 

Covariates 
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To provide a more comprehensive understanding of my study’s findings, it is necessary 

to examine how covariates related to the key study variables. When included as a control 

variable, psychological capital emerged as the strongest predictor of approach crafting, rendering 

subjective age nonsignificant. This suggests that internal psychological resources such as 

optimism, resilience, and confidence may play a more central role than subjective age in driving 

proactive engagement with work tasks. Such resources give individuals the belief they can shape 

their environment, persist through challenges, and seek opportunities, regardless of feeling older 

or younger. This aligns with Rudolph et al. (2019), who argue that core self-evaluations, which 

are closely related to psychological capital, may confound the link between subjective age and 

positive work outcomes. Psychological capital also supports goal pursuit, positive affect, and 

resilience, all of which underlie proactive behaviors like approach crafting (Newman et al., 2014; 

Zhang & Parker, 2019). 

Building on this, Rudolph et al. (2019) suggest that high psychological resources may 

make people feel younger, since youth is associated with vitality, control, and optimism. This 

implies that core psychological traits may be more proximal drivers of proactive work behaviors, 

with subjective age sometimes reflecting rather than independently influencing these outcomes. 

Notably, while subjective age showed a bivariate correlation with approach crafting, this 

relationship disappeared in the multivariate model once psychological capital and age-inclusive 

HR practices were considered, with psychological capital emerging as the stronger driver. This 

supports the view that psychological resources such as self-efficacy and psychological capital are 

key motivational antecedents to approach crafting (Zhang & Parker, 2019). 

Together, these results suggest that while subjective age is a meaningful construct, its 

influence on motivation and engagement may be less direct than previously assumed. Rather 
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than focusing solely on altering how old employees feel, interventions that strengthen 

psychological resources may offer a more effective route for enhancing proactive work 

behaviors. Interestingly, core self-evaluations were the strongest predictor of avoidance crafting, 

yet subjective age remained significant even after controlling for self-perception constructs. This 

suggests age-related perceptions continue to influence avoidance-oriented behaviors in ways 

broader psychological traits do not fully capture. 

Finally, the role of personal resources differed across the study’s final outcomes. In the 

case of perceived financial preparedness for retirement, core self-evaluations and psychological 

capital positively predicted individuals’ perceptions of being financially ready, suggesting that 

internal psychological resources may enhance confidence and planning around retirement. 

However, these same psychological factors did not significantly predict retirement intentions. 

Instead, chronological age, income level, and perceived financial preparedness itself were the 

key predictors of retirement intentions, indicating that more objective or situational factors play a 

stronger role in shaping plans to retire. These findings highlight that while psychological 

resources are important for shaping how prepared individuals feel, they may be less influential in 

determining the concrete decision of when to retire. 

Theoretical Implications  

This study offers several theoretical insights by extending socioemotional selectivity 

theory (SST; Carstensen, 1993), which is typically applied to chronological age, to the domain of 

subjective age and job crafting behaviors. The findings suggest that workers who feel older 

engage in greater avoidance crafting and report stronger retirement intentions, reflecting the shift 

toward emotional satisfaction and disengagement proposed by SST. However, subjective age 

was not significantly related to approach crafting, raising questions about whether a younger 
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subjective age, and the more open-ended future time perspective it implies, consistently 

translates into proactive, growth-oriented work behaviors.  

Notably, the moderating effects of AIHRP were largely nonsignificant or contrary to 

expectations, suggesting these practices do not uniformly buffer the effects of subjective age and 

may, in some cases, amplify disengagement among older-feeling workers. This supports the 

notion that AIHRP function differently depending on other factors, including organizational 

context, workforce demographics, national policies, and individual differences (Boehm et al., 

2021). These findings reinforce the idea that subjective age is not only a meaningful 

psychological construct but one that interacts with organizational context to shape employee 

behavior, allowing employees to act more consistently with how old or young they perceive 

themselves to be. Additionally, the results affirm the conceptual distinction between approach 

and avoidance crafting, supporting the value of examining crafting behaviors separately rather 

than as a unified construct (Lopper et al., 2024). Together, these insights underscore the need to 

consider the complex interplay of subjective age, job crafting, and organizational practices when 

seeking to understand and support late-career work outcomes.  

Practical Implications  

From an applied perspective, the finding that subjective age is positively associated with 

avoidance crafting highlights the importance of addressing how employees’ internalized age 

perceptions shape their work behaviors. Organizations may achieve better outcomes by 

implementing age-inclusive HR practices alongside efforts to strengthen employees’ 

psychological resources through training exercises (e.g., goal setting, pathway generation, 

positive feedback; Luthans et al., 2010). To accomplish this, HR professionals play a critical role 

in designing and delivering interventions to help foster hope, resilience, and optimism among 
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employees. At the same time, organizational leaders are responsible for creating and maintaining 

a supportive work environment, including fostering strong supervisor support, buddy systems, 

and a positive organizational climate—conditions that also help cultivate psychological capital. 

Further, AIHRP can contribute to building a positive organizational climate (Hertel & Zacher, 

2018), allowing these workplace factors to reinforce and amplify one another.  

Importantly, the results also highlight that AIHRP are not universally beneficial; their 

effectiveness depends in part on individual differences such as subjective age. In practice, older 

workers cannot be treated as a monolith, as they are diverse in their needs, preferences, and 

motivations, a point emphasized by the theory of aged heterogeneity (Nelson & Dannefer, 1992). 

For example, older-feeling employees may respond to AIHRP with disengagement or withdrawal 

behaviors, making it essential for managers and leaders to proactively adjust tasks, reallocate 

workloads, and provide more purpose-driven work by emphasizing the value and significance of 

work tasks to make the work experience more emotionally meaningful. Finally, the findings 

reinforce the value of addressing approach and avoidance crafting as distinct behavioral patterns. 

Interventions that promote approach crafting may help delay retirement intentions, while 

identifying and addressing avoidance crafting may be key to reducing turnover risk.  

Future Research and Limitations 

Future research should continue to explore the nuanced relationships among subjective 

age, job crafting, and key work outcomes, including retirement intentions, perceived financial 

preparedness, and turnover intentions. Given that subjective age was positively associated with 

avoidance crafting but not with approach crafting, future studies could examine additional 

moderators—such as personality traits, occupational characteristics, or leadership styles—that 

may influence these associations and their downstream effects on retirement and withdrawal-
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related outcomes. The unexpected or nonsignificant moderating effects of age-inclusive HR 

practices also highlight the need to better understand when and for whom these practices are 

most effective, particularly in shaping both long-term outcomes like retirement intentions and 

financial preparedness, as well as more immediate outcomes like turnover intentions. 

Additionally, future studies should investigate practical interventions designed to reduce 

subjective age levels and avoidance crafting behaviors in workers while strengthening 

psychological capital among older workers. Finally, future studies should examine how AIHRP 

and positive organizational climates can work together to promote sustained engagement and 

retention across diverse age groups.  

One limitation is the lack of negative psychological controls, such as burnout, which have 

been shown to predict avoidance crafting (Zhang & Parker, 2019) and may offer additional 

explanatory power. Future studies should consider including both positive and negative 

psychological constructs to fully capture the motivational landscape influencing job crafting 

behaviors. Moreover, longitudinal research is needed to assess the temporal stability of the 

relationships observed and to better understand how subjective age and crafting behaviors evolve 

over time. Another limitation is that, although the study aimed to examine patterns among older 

workers, the sample still skewed toward the younger end of the older adult spectrum (e.g., 

around age 50) due to limitations in the crowdsourcing platform used for online data collection. 

Additionally, the subjective ages of participants in this crowdsourcing platform may skew 

younger than those found in the broader population, potentially limiting the generalizability of 

the findings to older workers overall. Finally, the current findings are based on self-report data 

from one time point, which may be subject to social desirability and common method bias. 
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Accordingly, incorporating multi-source or behavioral data in future studies could enhance the 

validity of these findings. 
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Table 1 

Means, standard deviations, and correlations 

 

Variable M    SD    1 2 3 4 5 6 7 8 9 10 11 12 

1. Subjective Age 2.52 0.48                        

2. Age-Inclusive HR Practices 2.77 0.89     -.01                       

3. Approach Crafting 3.75 0.62     -.11* .37**                     

4. Avoidance Crafting 2.50 0.58   .28** -.01 -.19**                   

5. Retirement Intent 9.94 6.25 .05 -.03 -.04 .01                 

6. Turnover Intent 2.43 1.18 .20** -.26** -.32** .33** .06               

7. Perceived Financial Preparedness 3.28 1.11 -.11* .15** .21** .01 .34** -.12*             

8. Affective Commitment 3.39 1.10 -.00 .44** .53** -.09 .00 -.62** .15**           

9. Chronological Age 56.60 5.69 -.02 .03 .00 -.05 .56** -.03 .05 .02         

10. Core Self-Evaluations 3.63 0.73 -.34** .19** .37** -.33** .17** -.44** .43** .29** .08       

11. Health 2.59 0.89 .45** -.10* -.15** .07 -.05 .16** -.32** -.10* .06 -.43**     

12. Psychological Capital 3.83 0.70 -.29** .24** .53** -.17** .17** -.23** .44** .31** .04 .79** -.40**   

13. Tenure 12.60 9.56 .02 -.03 -.01 -.01 .18** -.07 .14** .08 .15** .05 -.03 .04 

Note. M and SD are used to represent mean and standard deviation, respectively. * indicates p < .05. ** indicates p < .01. 
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Table 2 

Regression Models Predicting Crafting Types: Main Effects 

 Approach Crafting  Avoidance Crafting  

 b SE p sr2 b SE p sr2 

Subjective Age -0.04 0.05 .464 <.001 0.31 0.06 <.001 .05 

Age-inclusive HR Practices (AIHRP) 0.09 0.03 .003 .01 0.02 0.03 .480 <.001 

Chronological Age -0.003 0.004 .534 <.001 -0.0008 0.005 .857 <.001 

Tenure -0.003 0.002 .244 <.001 0.0002 0.003 .941 <.001 

Education (HS diploma vs Bachelors) -0.12 0.09 .173 <.001 -0.28 0.10 .004 .02 

Education (Some college vs Bachelors) 0.05 0.06 .352 <.001 -0.21 0.06 <.001 .02 

Education (Masters vs Bachelors) 0.02 0.07 .708 <.001 -0.13 0.08 .094 <.001 

Education (PHD vs Bachelors) 0.16 0.11 .135 <.001 0.10 0.12 .404 <.001 

Income ($20K–$40K vs $100K+) 0.15 0.09 .092 <.001 0.21 0.10 .031 <.001 

Income ($40K–$60K vs $100K+) 0.08 0.07 .222 <.001 0.008 0.08 .913 <.001 

Income ($60K–$80K vs $100K+) 0.09 0.07 .177 <.001 -0.007 0.07 .930 <.001 

Income ($80K–$100K vs $100K+) 0.12 0.07 .076 <.001 -0.05 0.08 .537 <.001 

Health 0.04 0.03 .230 <.001 -0.09 0.03 .011 .01 

Core Self-evaluations -0.10 0.05 .059 <.001 -0.36 0.06 <.001 .07 

Psychological Capital 0.45 0.05 <.001 .09 0.19 0.06 .002 .02 

Affective Commitment 0.21 0.02 <.001 .10 -0.03 0.03 .291 <.001 

 Model Fit F(16, 420) = 23, p <.001, R2 = .47  Model Fit F(16, 420) = 7.42, p <.001, R2 = .22  

Note. b = unstandardized regression coefficient; SE = standard error; p = p-value; sr2 = semipartial squared correlation. Chronological age, tenure, education level, income, health status, 

core self-evaluations, psychological capital, and affective commitment were included as covariates. 
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Table 3 

Regression Models Predicting Crafting Types: Interaction Effects 

 Approach Crafting  Avoidance Crafting  

 b SE p sr2 b SE p sr2 

Subjective Age 0.10 0.16 .541 <.001 -0.35 0.18 .047 <.001 

Age-inclusive HR Practices (AIHRP) 0.20 0.13 .118 <.001 -0.53 0.14 <.001 .02 

Subjective Age x AIHRP -0.05 0.05 .360 <.001 0.22 0.05 <.001 .03 

Chronological Age -0.003 0.004 .537 <.001 -0.0009 0.005 .837 <.001 

Tenure -0.003 0.002 .242 <.001 0.0003 0.003 .920 <.001 

Education (HS diploma vs Bachelors) -0.12 0.09 .178 <.001 -0.29 0.09 .003 .02 

Education (Some college vs Bachelors) 0.05 0.06 .352 <.001 -0.21 0.06 <.001 .02 

Education (Masters vs Bachelors) 0.02 0.07 .715 <.001 -0.12 0.07 .095 <.001 

Education (PHD vs Bachelors) 0.16 0.11 .143 <.001 0.12 0.12 .326 <.001 

Income ($20K–$40K vs $100K+) 0.14 0.09 .101 <.001 0.23 0.10 .018 .01 

Income ($40K–$60K vs $100K+) 0.09 0.07 .206 <.001 -0.007 0.08 .930 <.001 

Income ($60K–$80K vs $100K+) 0.10 0.07 .143 <.001 -0.05 0.07 .513 <.001 

Income ($80K–$100K vs $100K+) 0.12 0.07 .079 <.001 -0.04 0.08 .587 <.001 

Health 0.03 0.03 .300 <.001 -0.07 0.03 .053 <.001 

Core Self-evaluations -0.10 0.05 .046 <.001 -0.33 0.06 <.001 .06 

Psychological Capital 0.45 0.05 <.001 .09 0.15 0.06 .011 .01 

Affective Commitment 0.21 0.02 <.001 .10 -0.03 0.03 .235 <.001 

 Model Fit F(17, 419) = 21.69, p <.001, R2 = .47  Model Fit F(17, 419) = 8.15, p <.001, R2 = .25  

Note. b = unstandardized regression coefficient; SE = standard error; p = p-value; sr2 = semipartial squared correlation. Chronological age, tenure, income, education level, health status, 

core self-evaluations, psychological capital, and affective commitment were included as covariates. 
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Table 4 

Regression of Retirement Intentions on Subjective Age and Covariates 

 Main Effects  Interaction Effects  

  b SE p sr2 b SE p sr2 

Subjective Age 1.49 0.55 .007 <.001 1.23 1.62 .448 <.001 

Age-inclusive HR Practices (AIHRP) -0.65 0.29 .028 <.001 -0.87 1.32 .509 <.001 

Subjective Age x AIHRP - - - <.001 0.09 0.51 .863 <.001 

Chronological Age 0.62 0.04 <.001 .29 0.62 0.04 <.001 .29 

Tenure 0.02 0.03 .360 <.001 0.02 0.03 .360 <.001 

Education (HS diploma vs Bachelors) 1.49 0.88 .090 <.001 1.49 0.88 .092 <.001 

Education (Some college vs Bachelors) 0.20 0.57 .730 <.001 0.20 0.57 .731 <.001 

Education (Masters vs Bachelors) -0.03 0.69 .969 <.001 -0.03 0.69 .970 <.001 

Education (PHD vs Bachelors) 0.58 1.09 .596 <.001 0.59 1.10 .593 <.001 

Income ($20K–$40K vs $100K+) -2.36 0.91 .010 <.001 -2.35 0.91 .010 <.001 

Income ($40K–$60K vs $100K+) -1.30 0.70 .063 <.001 -1.31 0.70 .062 <.001 

Income ($60K–$80K vs $100K+) -1.40 0.68 .041 <.001 -1.41 0.69 .041 <.001 

Income ($80K–$100K vs $100K+) -0.82 0.72 .254 <.001 -0.82 0.72 .256 <.001 

Health -0.05 0.31 .874 <.001 -0.04 0.32 .897 <.001 

Core Self-evaluations -0.14 0.53 .788 <.001 -0.13 0.54 .809 <.001 

Psychological Capital 0.70 0.55 .202 <.001 0.69 0.55 .215 <.001 

Perceived Financial Preparedness 1.59 0.25 <.001 .05 1.59 0.25 <.001 .05 

Affective Commitment -0.26 0.24 .280 <.001 -0.26 0.24 .279 <.001 

  Model Fit F(17, 419) = 20.35, p <.001, R2 = .45  Model Fit F(18, 418) = 19.18, p <.001, R2 = .45  

Note. b = unstandardized regression coefficient; SE = standard error; p = p-value, sr2 = semipartial squared correlation. Chronological age, tenure, education level, income level, health status, core self-evaluations, 

psychological capital, perceived financial preparedness, and affective commitment were included as covariates. Dummy-coded variables for education and income were included with "Bachelors" and ">$100K" as reference 

groups. 
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Table 5 

Regression of Perceived Financial Preparedness on Subjective Age and Covariates 

 Main Effects  Interaction Effects  

  b SE p sr2 b SE p sr2 

Subjective Age 0.21 0.11 .059 <.001 0.06 0.32 .851 <.001 

Age-inclusive HR Practices (AIHRP) 0.09 0.06 .120 <.001 -0.03 0.26 .899 <.001 

Subjective Age x AIHRP - - - - 0.05 0.10 .628 <.001 

Chronological Age 0.01 0.01 .499 <.001 0.01 0.01 .501 <.001 

Tenure 0.01 0.00 .023 <.001 0.01 0.005 .023 <.001 

Education (HS diploma vs Bachelors) -0.28 0.17 .108 <.001 -0.28 0.17 .107 <.001 

Education (Some college vs Bachelors) -0.30 0.11 .007 .01 -0.30 0.11 .007 .01 

Education (Masters vs Bachelors) 0.11 0.14 .416 <.001 0.11 0.14 .414 <.001 

Education (PHD vs Bachelors) -0.13 0.22 .550 <.001 -0.13 0.22 .561 <.001 

Income ($20K–$40K vs $100K+) -0.62 0.18 <.001 .02 -0.62 0.18 <.001 .02 

Income ($40K–$60K vs $100K+) -0.14 0.14 .316 <.001 -0.14 0.14 .305 <.001 

Income ($60K–$80K vs $100K+) -0.09 0.13 .503 <.001 -0.10 0.14 .465 <.001 

Income ($80K–$100K vs $100K+) -0.18 0.14 .210 <.001 -0.18 0.14 .214 <.001 

Health -0.19 0.06 .002 .02 -0.18 0.06 .003 .01 

Core Self-evaluations 0.29 0.10 .006 .01 0.30 0.11 .005 .01 

Psychological Capital 0.34 0.11 .002 .02 0.33 0.11 .002 .02 

Affective Commitment -0.07 0.05 .172 <.001 -0.07 0.05 .168 <.001 

  Model Fit F(16, 420) = 12.18, p <.001, R2 = .32  Model Fit F(17, 419) = 11.45, p <.001, R2 = .32  

Note. b = unstandardized regression coefficient; SE = standard error; p = p-value, sr2 = semipartial squared correlation. Chronological age, tenure, education level, income level, health status, core self-evaluations, 

psychological capital, and affective commitment were included as covariates. Dummy-coded variables for education and income were included with "Bachelors" and ">$100K" as reference groups. 
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Table 6 

Predicting Retirement Intentions from Subjective Age, Mediators, and Covariates 

  b SE p sr2 

Subjective Age 1.42 1.62 .383 .00 

Age-inclusive HR Practices (AIHRP) -0.53 1.33 .692 <.001 

Approach Crafting -1.12 0.51 .028 .01 

Avoidance Crafting 0.22 0.46 .634 <.001 

Subjective Age x AIHRP -0.01 0.51 .984 <.001 

Chronological Age 0.61 0.04 <.001 .28 

Tenure 0.02 0.03 .428 <.001 

Education (HS diploma vs Bachelors) 1.42 0.89 .111 <.001 

Education (Some college vs Bachelors) 0.30 0.58 .606 <.001 

Education (Masters vs Bachelors) 0.03 0.69 .965 <.001 

Education (PHD vs Bachelors) 0.74 1.10 .503 <.001 

Income ($20K–$40K vs $100K+) -2.25 0.92 .015 .01 

Income ($40K–$60K vs $100K+) -1.21 0.70 .083 <.001 

Income ($60K–$80K vs $100K+) -1.29 0.69 .060 <.001 

Income ($80K–$100K vs $100K+) -0.68 0.72 .350 <.001 

Health 0.01 0.32 .982 <.001 

Core Self-evaluations -0.17 0.56 .760 <.001 

Psychological Capital 1.17 0.61 .054 <.001 

Perceived Financial Preparedness 1.58 0.25 <.001 .05 

Affective Commitment -0.02 0.26 .925 <.001 

  Model Fit F(20, 416) = 17.70, p <.001, R2 = .46  

Note. b = unstandardized regression coefficient; SE = standard error; p = p-value, sr2 = semipartial squared correlation. Chronological 

age, tenure, education level, income level, health status, core self-evaluations, psychological capital, perceived financial preparedness,  

and affective commitment were included as covariates. Dummy-coded variables for education and income were included with 

"Bachelors" and ">$100K" as reference groups. 
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Table 7 

Predicting Perceived Financial Preparedness from Subjective Age, Mediators, and Covariates 

  b SE p sr2 

Subjective Age 0.13 0.32 .680 <.001 

Age-inclusive HR Practices (AIHRP) 0.07 0.26 .783 <.001 

Approach Crafting 0.06 0.10 .556 <.001 

Avoidance Crafting 0.22 0.09 .014 .01 

Subjective Age x AIHRP 0.003 0.10 .978 <.001 

Chronological Age 0.01 0.01 .472 <.001 

Tenure 0.01 0.005 .022 .01 

Education (HS diploma vs Bachelors) -0.21 0.18 .233 <.001 

Education (Some college vs Bachelors) -0.26 0.11 .023 .01 

Education (Masters vs Bachelors) 0.14 0.14 .312 <.001 

Education (PHD vs Bachelors) -0.16 0.22 .457 <.001 

Income ($20K–$40K vs $100K+) -0.68 0.18 <.001 .02 

Income ($40K–$60K vs $100K+) -0.15 0.14 .292 <.001 

Income ($60K–$80K vs $100K+) -0.09 0.14 .487 <.001 

Income ($80K–$100K vs $100K+) -0.18 0.14 .219 <.001 

Health -0.17 0.06 .006 .01 

Core Self-evaluations 0.38 0.11 <.001 .02 

Psychological Capital 0.27 0.12 .022 .01 

Affective Commitment -0.07 0.05 .169 <.001 

  Model Fit F(19, 417) = 10.67, p <.001, R2 = .33  

Note. b = unstandardized regression coefficient; SE = standard error; p = p-value, sr2 = semipartial squared correlation.  

Chronological age, tenure, education level, income level, health status, core self-evaluations, psychological capital, and  

affective commitment were included as covariates. Dummy-coded variables for education and income were included with  

"Bachelors" degree and ">$100K" as reference groups. 
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Table 8 

Simple Mediation Model Predicting Perceived Financial Preparedness 

Path  b (SE) b 

95% CI 

[LL, UL] 

p 

Subjective Age (X) → Avoidance Crafting (M) (a1) 0.31 (0.07) (0.15, 0.44) <.001 

Avoidance Crafting (M) → Perceived Financial Preparedness (Y) (b1) 0.23 (0.09) (0.05, 0.41) .012 

Subjective Age (X) → Perceived Financial Preparedness (Y) (c1) 0.14 (0.12) (-0.09, 0.37) .221 

Effect of X on Y via M (a1*b1) 0.07 (0.03) (0.01, 0.15) - 

Note. b = unstandardized path coefficient; SE = standard error; p = p-value. 95% CI = 95% confidence interval for b; LL and UL  

indicate the lower and upper confidence limits, respectively. Chronological age, health status, core self-evaluations, psychological  

capital, affective commitment, tenure, education level, and income level were included as covariates. Dummy-coded variables for  

education and income used "Bachelors" degree and ">$100K" as reference groups. Indirect effects were tested using bias-corrected  

bootstrapped confidence intervals (5,000 resamples). 
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Table 9 

Mediation Model Predicting Perceived Financial Preparedness: Controlling for Age-Inclusive HR Practices 

Path  b (SE) b 

95% CI 

[LL, UL] 

p 

Subjective Age (X) → Avoidance Crafting (M) (a1) 0.31 (0.07) (0.16, 0.44) <.001 

Age-Inclusive HR Practices → Avoidance Crafting (M) (m1) 0.02 (0.03) (-0.04, 0.08) .479 

Avoidance Crafting (M) → Perceived Financial Preparedness (Y) (b1) 0.21 (0.09) (0.03, 0.39) .020 

Subjective Age (X) → Perceived Financial Preparedness (Y) (c1) 0.14 (0.12) (-0.10, 0.37) .236 

Age-Inclusive HR Practices → Perceived Financial Preparedness (Y) (m2) 0.09 (0.06) (-0.03, 0.20) .152 

Effect of X on Y via M (a1*b1) 0.07 (0.03) (0.01, 0.14) - 

Note. b = unstandardized path coefficient; SE = standard error; p = p-value. 95% CI = 95% confidence interval for b; LL and UL  

indicate the lower and upper confidence limits, respectively. Chronological age, health status, core self-evaluations, psychological  

capital, affective commitment, tenure, education level, and income level were included as covariates. Dummy-coded variables for  

education and income used "Bachelors" degree and ">$100K" as reference groups. Indirect effects were tested using bias-corrected  

bootstrapped confidence intervals (5,000 resamples). 
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Table 10 

Full Moderated Mediation Model Predicting Perceived Financial Preparedness 

Path  b (SE) b 

95% CI 

[LL, UL] 

p 

Subjective Age (X) → Avoidance Crafting (M) (a1) -0.35 (0.20) (-0.71, 0.08) .079 

Age-Inclusive HR Practices → Avoidance Crafting (M) (a2) -0.53 (0.17) (-0.84, -0.18) .002 

Subjective Age x Age-Inclusive HR Practices → Avoidance Crafting (M) (a3) 0.22 (0.07) (0.08, 0.84) .001 

Avoidance Crafting (M) → Perceived Financial Preparedness (Y) (b1) 0.21 (0.09) (0.03, 0.39) .020 

Subjective Age (X) → Perceived Financial Preparedness (Y) (c1) 0.14 (0.12) (-0.10, 0.37) .236 

Age-Inclusive HR Practices → Perceived Financial Preparedness (Y) (m2) 0.09 (0.06) (-0.03, 0.20) .152 

Index of Moderated Mediation (a3*b1) 0.05 (0.03) (0.00, 0.10) - 

Note. b = unstandardized path coefficient; SE = standard error; p = p-value. 95% CI = 95% confidence interval for b; LL and UL  

indicate the lower and upper confidence limits, respectively. Chronological age, health status, core self-evaluations, psychological  

capital, affective commitment, tenure, education level, and income level were included as covariates. Dummy-coded variables for  

education and income used "Bachelors" degree and ">$100K" as reference groups. Indirect effects were tested using bias-corrected  

bootstrapped confidence intervals (5,000 resamples). 
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Table 11 

Regression Models Predicting Turnover Intentions: Main Effects and Interaction Effects 

 Main Effects  Interaction Effects  

  b SE p sr2 b SE p sr2 

Subjective Age 0.24 0.10 .013 .006 -0.05 0.27 .869 <.001 

Age-inclusive HR Practices (AIHRP) -0.02 0.05 .760 <.001 -0.26 0.22 .253 .001 

Approach Crafting 0.06 0.09 .454 <.001 0.07 0.09 .448 <.001 

Avoidance Crafting 0.30 0.08 <.001 .020 0.29 0.08 <.001 .010 

Subjective Age x AIHRP - - - - 0.10 0.09 .270 .001 

Chronological Age 0.003 0.01 .623 <.001 0.003 0.007 .628 <.001 

Tenure -0.0009 0.004 .837 <.001 -0.001 0.004 .844 <.001 

Education (HS diploma vs Bachelors) -0.13 0.15 .385 <.001 -0.14 0.15 .359 <.001 

Education (Some college vs Bachelors) -0.14 0.10 .141 .002 -0.15 0.10 .132 .002 

Education (Masters vs Bachelors) -0.15 0.12 .200 .002 -0.15 0.12 .197 .002 

Education (PHD vs Bachelors) -0.15 0.18 .412 <.001 -0.14 0.18 .439 <.001 

Income ($20K–$40K vs $100K+) -0.14 0.16 .382 <.001 -0.13 0.16 .422 <.001 

Income ($40K–$60K vs $100K+) 0.08 0.12 .482 <.001 0.08 0.12 .518 <.001 

Income ($60K–$80K vs $100K+) -0.01 0.11 .922 <.001 -0.03 0.12 .796 <.001 

Income ($80K–$100K vs $100K+) -0.18 0.12 .144 .002 -0.18 0.12 .149 .002 

Health -0.002 0.05 .963 <.001 0.01 0.05 .917 <.001 

Core Self-evaluations -0.80 0.09 <.001 .070 -0.79 0.10 <.001 .070 

Psychological Capital 0.63 0.10 <.001 .040 0.62 0.10 <.001 .040 

Perceived Financial Preparedness 0.01 0.04 .840 <.001 0.01 0.04 .841 <.001 

Affective Commitment -0.64 0.04 <.001 .210 -0.64 0.04 <.001 .210 

  Model Fit F(19, 417) = 28.68, p <.001, R2 = .57  Model Fit F(20, 416) = 27.32, p <.001, R2 = .57  

Note. b = unstandardized regression coefficient; SE = standard error; p = p-value, sr2 = semipartial squared correlation. Chronological age, tenure, education level, income level, health status, core self-evaluations, 

psychological capital, perceived financial preparedness, and affective commitment were included as covariates. Dummy-coded variables for education and income were included with "Bachelors" and ">$100K" as reference 

groups. 
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Table 12 

Simple Mediation Model Predicting Turnover Intentions 

Path  b (SE) b 

95% CI 

[LL, UL] 

p 

Subjective Age (X) → Avoidance Crafting (M) (a1) 0.31 (0.07) (0.15, 0.44) <.001 

Avoidance Crafting (M) → Turnover Intentions (Y) (b1) 0.30 (0.08) (0.15, 0.46) <.001 

Subjective Age (X) → Turnover Intentions (Y) (c1) 0.24 (0.11) (0.03, 0.44) .025 

Effect of X on Y via M (a1*b1) 0.09 (0.03) (0.03, 0.17) - 

Note. b = unstandardized path coefficient; SE = standard error; p = p-value. 95% CI = 95% confidence interval for b; LL and UL  

indicate the lower and upper confidence limits, respectively. Chronological age, health status, core self-evaluations, psychological  

capital, affective commitment, perceived financial preparedness, tenure, education level, and income level were included as 

covariates. Dummy-coded variables for education and income used "Bachelors" degree and ">$100K" as reference groups. Indirect 

effects were tested using bias-corrected bootstrapped confidence intervals (5,000 resamples). 
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Table 13 

Mediation Model Predicting Turnover Intentions: Controlling for Age-Inclusive HR Practices 

Path  b (SE) b 

95% CI 

[LL, UL] 

p 

Subjective Age (X) → Avoidance Crafting (M) (a1) 0.31 (0.07) (0.16, 0.44) <.001 

Age-Inclusive HR Practices → Avoidance Crafting (M) (m1) 0.02 (0.03) (-0.04, 0.08) .479 

Avoidance Crafting (M) → Turnover Intentions (Y) (b1) 0.29 (0.08) (0.14, 0.45) <.001 

Subjective Age (X) → Turnover Intentions (Y) (c1) 0.24 (0.11) (0.03, 0.44) .023 

Age-Inclusive HR Practices → Turnover Intentions (Y) (m2) -0.01 (0.05) (-0.11, 0.10) .872 

Effect of X on Y via M (a1*b1) 0.09 (0.03) (0.03, 0.17) - 

Note. b = unstandardized path coefficient; SE = standard error; p = p-value. 95% CI = 95% confidence interval for b; LL and UL  

indicate the lower and upper confidence limits, respectively. Chronological age, health status, core self-evaluations, psychological  

capital, affective commitment, perceived financial preparedness, tenure, education level, and income level were included as 

covariates. Dummy-coded variables for education and income used "Bachelors" degree and ">$100K" as reference groups. Indirect 

effects were tested using bias-corrected bootstrapped confidence intervals (5,000 resamples). 
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Table 14 

Full Moderated Mediation Model Predicting Turnover Intentions 

Path  b (SE) b 

95% CI 

[LL, UL] 

p 

Subjective Age (X) → Avoidance Crafting (M) (a1) -0.35 (0.20) (-0.71, 0.08) .079 

Age-Inclusive HR Practices → Avoidance Crafting (M) (a2) -0.53 (0.17) (-0.84, -0.18) .002 

Subjective Age x Age-Inclusive HR Practices → Avoidance Crafting (M) (a3) 0.22 (0.07) (0.08, 0.34) .001 

Avoidance Crafting (M) → Turnover Intentions (Y) (b1) 0.29 (0.08) (0.14, 0.45) <.001 

Subjective Age (X) → Turnover Intentions (Y) (c1) 0.24 (0.11) (0.03, 0.44) .023 

Age-Inclusive HR Practices → Turnover Intentions (Y) (m2) -0.01 (0.05) (-0.11, 0.10) .872 

Index of Moderated Mediation (a3*b1) 0.06 (0.03) (0.02, 0.12) - 

Note. b = unstandardized path coefficient; SE = standard error; p = p-value. 95% CI = 95% confidence interval for b; LL and UL  

indicate the lower and upper confidence limits, respectively. Chronological age, health status, core self-evaluations, psychological  

capital, affective commitment, perceived financial preparedness, tenure, education level, and income level were included as 

covariates. Dummy-coded variables for education and income used "Bachelors" degree and ">$100K" as reference groups. Indirect 

effects were tested using bias-corrected bootstrapped confidence intervals (5,000 resamples). 
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Figure 1 

Theoretical model 

 

 



101 

 

  

Figure 2

 

Age-inclusive HR practices moderating the relationship between Subjective Age and Avoidance 

Crafting 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

  

 

 

 

 

 

 

 

 

 

 



Appendix A 

Study of Workplace Experiences and Employee Perspectives 

 

Recruitment Statement: We are conducting a research study to better understand various 

workplace experiences and attitudes. Participants will be asked to complete a survey that 

includes questions about their work environment, future plans, and general outlook. Your 

responses will contribute to advancing knowledge in workplace psychology. 

 

Qualified Participants: Individuals over the age of 50, fluent in English, and who are 

employed.  Finally, you also need to be currently working as a full-time employee (an average of 

35 hours or more a week). If this describes you, you may be eligible to participate. 

 

Time Commitment: If you decide to provide us with your consent to participate, you can access 

the survey link below. The survey will take about 20 minutes of your time and is worth $2.25. 

 

Confidentiality: This study is strictly anonymous meaning that no identifying information is 

being collected in connection with the research data. Once you have received credit for your 

participation in this study, Cloud Research Connect IDs will be removed from the electronic file. 

All information collected will be kept in a password protected file and all electronic information 

will be secured on a password protected computer. Cloud Research Connect IDs are not 

considered identifying information as Connect IDs are randomly generated number and letter 

sequences that are assigned to workers through Connect. The ID itself doesn't possess any 

personally identifiable information and as per Cloud Research's requester use policy, requesters 

aren't permitted to collect other potentially identifying information (e.g., email addresses, phone 

numbers, etc.) to protect the workers we're gathering information from. Also, through the use of 

an external site to house the survey (Qualtrics in this case) this is a protective mechanism to 

protect the participant's identity as no one has access to the responses beyond the research team. 

 

Participation: Participation in this study is voluntary. You may withdraw from the study at any 

point in time without any penalty. 

 

Compensation: Compensation will be provided for your time in completing this survey of 

$2.25. Compensation will only be granted if you have met the following conditions: 1) you 

qualify as a participant for this study, 2) you pass attention check questions throughout the 

survey, 3) you provide your Cloud Research’s Connect ID when prompted, and 4) you provide 

the accurate HIT completion code provided to you at the end of the survey. 

Contact us: Interested participants are invited to contact us with any questions. If you have no 

questions, please proceed to the study link provided via this site.  

 

Courtney Baker, PhD. 

Department of Psychology 

East Carolina University 

Greenville, NC 

bakerco22@ecu.edu 

Kalvaince Die, M.A. 

Department of Psychology  

East Carolina University  

Greenville, NC  

diek23@students.ecu.edu 

mailto:bakerco22@ecu.edu
mailto:diek23@students.ecu.edu


Appendix B 

 

Informed Consent 

 

Study of Workplace Experiences and Employee Perspectives 

 

You are invited to participate in a study that evaluates how your workplace experiences, 

behaviors, and attitudes impact workplace outcomes. 

  

Key Information 

• This voluntary study aims to explore how your perceptions of your age influence how 

you interact with colleagues, modify your job tasks, and shape your future work 

intentions, including retirement plans. 

• This study should take approximately 20 minutes and you will be asked a series of 

workplace behavior questions and personality questions. 

• The benefits of this study for you will be to see the research process. However, for the 

I/O psychology field, this study will allow researchers to see the influence of situation 

characteristics on workplace perceptions and behaviors. 

• There are no reasonably foreseeable risks. 

 

Eligibility  

Only individuals 50 years old and older and employed full-time (at least 35 hours a week) will be 

eligible for this study. You must be comfortable reading and writing in English to be eligible.  

  

Description of Study   

This 20-minute online study asks you to answer a variety of measures relating to your current 

workplace experiences and provide demographic information. 

  

Risks and Benefits  

There are no reasonably foreseeable risks associated with this study. Participation is also 

completely voluntary and thus you may choose not to continue at any point. The results of this 

study may be published in scientific research journals and presented at professional conferences. 

However, your record will remain anonymous. Your data will be used as part of a larger data set 

with no identifying information. The data set, once de-identified, could potentially be posted to a 

scholarly, public online medium.  

  

Anonymity  

This study is strictly anonymous meaning that no identifying information is being collected in 

connection with the research data. Once you have received credit for your participation in this 

study, Cloud Research Connect IDs will be removed from the electronic file. All information 

collected will be kept in a password protected file and all electronic information will be secured 

on a password protected computer. Cloud Research Connect IDs are not considered identifying 

information as Connect IDs are randomly generated number and letter sequences that are 

assigned to workers through Connect. The ID itself doesn't possess any personally identifiable 

information and as per Cloud Research’s requester use policy, requesters aren't permitted to 

collect other potentially identifying information (e.g., email addresses, phone numbers, etc.) to 
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protect the workers we're gathering information from. Also, by an external site to house the 

survey (Qualtrics in this case) this is a protective mechanism to protect the participant's identity 

as no one has access to the responses beyond the research team.  

  

Future Use of the Research Data   

The results of this study may be published in scientific research journals and presented at 

professional conferences. However, your record will remain confidential. Your data will be used 

as part of a larger data set with no identifying information. The data set, once de-identified, could 

potentially be posted to a scholarly, public online medium (e.g., Open Science Framework).  

  

Compensation: Compensation will be provided for your time in completing this survey of 

$2.25. Compensation will only be granted if you have met the following conditions: 1) you 

qualify as a participant for this study, 2) you pass attention check questions throughout the 

survey, 3) you provide your Cloud Research’s Connect ID when prompted, and 4) you provide 

the accurate completion code provided to you at the end of the survey.  

  

Right to Refuse or Withdraw: You may refuse to participate by choosing “No, Exit Survey” 

below. Participation is also completely voluntary and thus you may choose not to continue at any 

point. You may change your mind about being in the study and quit after the survey has started. 

You may skip any questions you do not feel comfortable answering.   

  

Questions: If you have any questions about your rights as a research participant, please contact 

the East Carolina University ORIC office (https://rede.ecu.edu/oric/; 252-744-4140). This 

research has been approved by the institutional review board of East Carolina University. If you 

have questions about this research study, you can contact the investigators below: 

                    Kalvaince Die, M.A. 

Department of Psychology  

East Carolina University  

Greenville, NC  

diek23@students.ecu.edu 

Courtney Baker, PhD. 

Department of Psychology 

East Carolina University 

Greenville, NC 

bakerco22@ecu.edu 
 

We are interested in your response to each survey question. We assure you that you will find 

none of these questions threatening or harmful to you. We will tell you more about those exact 

details after the study is over, but we would very much appreciate your full participation without 

knowing those details, or why they are included in the study, up front. Your informed consent 

acknowledges the fact that there are a few things about these questions we have not told you 

about, and that you consent to participate in the study even though we are withholding this 

knowledge until after the debriefing. 

  

By selecting “Continue to Survey”, you are acknowledging that you have decided to volunteer as 

a research participant for this study and that you have read and understand the information 

provided above. It is advised that you save or print a copy of this form for your own records. 

  

I understand the above and grant my consent to participate: 

• Yes, Continue with the Study 

• No, Exit the Study

mailto:diek23@students.ecu.edu
mailto:bakerco22@ecu.edu
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 Survey Materials 

Screener Questions 

 

1. First question will be a captcha verification. 

2. Are you at least 50 years of age? 

a. Yes   

b. No   

If answer no, they will exit the survey.   

 

3. Please select your employment status.   

a. Full-time  

b. Part-time  

c. Not employed  

d. Retired  

e. Self-employed   

If answer not employed, they will exit the survey. 

 

4. It is really important to the research team that you are paying attention when responding 

to questions. Otherwise, we won’t be sure if we can rely on the results we obtained. It is 

extremely important that you disregard the question and select “Green” as your response. 

Thank you for taking the time to read this question. 

  

What color is the sky?   

o Orange 

o Blue 

o Green 

o Yellow 

o Other (fill-in blank) 

If participants fail the attention check question, they will exit the survey. 
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Subjective Age and Gender Scale (Montepare, 1996)  

  

Directions: Below are several statements about you with which you may agree or disagree. 

Using the response scale below, indicate your agreement or disagreement with each item by 

selecting the appropriate option. 

 

Scale Anchors: 

  

   1   

Much Younger than 

my Actual Age     

   2     

Younger than my 

Actual Age    

   3     

My Age      

   4     

Older than my 

Actual Age  

   5    

Much Older than my 

Actual Age  

    

Age-Inclusive HR practices (Boehm et al, 2014)  

 

Directions: Please rate the following statements regarding your company's efforts in the 

workplace. Using the scale provided, indicate the intensity level at which your company engages 

in each practice.  

 

Scale Anchors: 

    

Very low 

intensity    
Low intensity   

Moderate 

intensity    
High intensity    

Very high 

intensity    

1   2   3   4   5   

   

Approach-Avoidance Job Crafting Scale (Lopper, 2024)  

  

Directions: Below are several statements about you with which you may agree or disagree. 

Using the response scale below, indicate your agreement or disagreement with each item by 

selecting the appropriate option.    

 

Scale Anchors: 

Totally Disagree   Disagree   
Neither Agree nor 

Disagree   
Agree   Totally Agree   

1   2   3   4   5   

  

Retirement Intentions (Oakman & Wells, 2013)  

  

Directions: Please answer the following questions about your retirement plans.  

  

Perceived financial preparedness (Hershey & Mowen, 2000)  

  

Directions: Below are several statements about you with which you may agree or disagree. 

Using the response scale below, indicate your agreement or disagreement with each item by 

selecting the appropriate option.  

 

Scale Anchors:  
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Strongly Disagree   Disagree   
Neither Agree nor 

Disagree   
Agree   Strongly Agree   

1   2   3   4   5   

  

Organizational commitment (Meyer & Allen, 1990, 1991)  

 

Directions: Below are several statements about you with which you may agree or disagree. 

Using the response scale below, indicate your agreement or disagreement with each item by 

selecting the appropriate option.  

  

Scale Anchors:  

Strongly 

Disagree   

Disagree  Somewhat 

Disagree   

Neither Agree 

nor Disagree   

Somewhat 

Agree  
Agree   

Strongly 

Agree   

1   2  3   4   5  6   7   

  

Core self-evaluations (Judge et al., 2003)  

  

Directions: Below are several statements about you with which you may agree or disagree. 

Using the response scale below, indicate your agreement or disagreement with each item by 

selecting the appropriate option.  

  

Scale Anchors:  

Strongly Disagree   Disagree   
Neither Agree nor 

Disagree   
Agree   Strongly Agree   

1   2   3   4   5   

 

Occupational future time perspective (Zacher & Frese, 2009)  

  

Directions: Below are several statements about your perceptions regarding your occupational 

future. Please read each statement carefully and indicate your level of agreement using the 

response scale below.  

  

Scale Anchors:  

 

Strongly 

Disagree   

Disagree  Somewhat 

Disagree   

Neither Agree 

nor Disagree   

Somewhat 

Agree  
Agree   

Strongly 

Agree   

1   2  3   4   5  6   7   

  

Psychological capital (Dudasova, 2021) 

 

Directions: Below are several statements about you with which you may agree or disagree. 

Using the response scale below, indicate your agreement or disagreement with each item by 

selecting the appropriate option.  

  

Scale Anchors:  
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Strongly 

Disagree   

Disagree  
Slightly Disagree   

Slightly Agree  
Agree   

Strongly 

Agree   

1   2  3   4  5   6   

  

  

Turnover Intentions (Hanisch & Hulin, 1991)  

  

Directions: Below are several statements about you with which you may agree or disagree. 

Using the response scale below, indicate your agreement or disagreement with each item by 

selecting the appropriate option.  

  

Scale Anchors:  

Strongly Disagree   Disagree   
Neither Agree nor 

Disagree   
Agree   Strongly Agree   

1   2   3   4   5   

  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



109 

 

  

Demographics 

1. What is your age? (in years)  

2. What is your gender identity?  

a. Male 

b. Female  

c. Trans woman/trans female   

d. Trans man/trans male   

e. Custom (please tell us more!) ________________________  

f. Prefer not to say 

3. Which of the following best represents your racial or ethnic heritage? Choose all that 

apply.  

a. Non-Hispanic White or Euro-American  

b. Black, Afro-Caribbean, or African American  

c. Latinx or Hispanic American  

d. East Asian or Asian American  

e. South Asian or Indian American  

f. Middle Eastern or Arab American  

g. Native American or Alaskan Native  

h. Custom (please tell us more!) ________________________  

i. Prefer not to answer  

4. What is your current marital status? 

a. Single, never married 

b. Married 

c. In a domestic partnership or civil union 

d. Separated 

e. Divorced 

f. Widowed 

5. On average, how many hours do you work per week at your job?  

6. How many days have you been absent in the past 30 days from work?   

7. Which of the following best describes your current work arrangement?   

1. Fully remote 

2. Hybrid–Mostly remote 

3. Hybrid–Mostly in-office 

4. Fully In-office 

5. Other (please specify) 

8. Which of the following best describes your occupation?  

a. Architecture and Engineering  

b. Arts, Design, Entertainments, Sports, or Media  

c. Building and Grounds Cleaning and Maintenance  

d. Business and Financial Operations  

e. Community and Social Services  

f. Computer and Mechanical  

g. Construction and Extraction  

h. Education, Training, and Library  

i. Farming, Fishing, and Forestry  

j. Food Preparation and Serving Related  
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k. Healthcare Practitioners and Technical  

l. Healthcare Support  

m. Installation, Maintenance, and Repair  

n. Legal  

o. Life, Physical, and Social Science  

p. Management  

q. Military  

r. Office and Administrative Support  

s. Personal Care and Services  

t. Production  

u. Protective Services  

v. Sales and Related  

w. Transportation and Material Moving  

x. Other (please specify)  

9. What is your job title?  

10. How long have you been at your current job? (in years) 

11. In general, how would you rate your health? 

a. Excellent 

b. Very Good 

c. Good 

d. Fair 

e. Poor 

12.  What is your total household income before taxes for the past year? (Choose one) 

a. $0–$20,000 

b. $20,001–$40,000 

c. $40,001–$60,000 

d. $60,001–$80,000 

e. $80,001–$100,000 

f. $100,000+ 

13. What is the highest level of education you have completed? 

a. No schooling 

b. Some high school 

c. High school diploma or GED 

d. Some college or associate degree 

e. Bachelor’s degree 

f. Master’s level (MBA, MPA, MA/MS) 

g. Doctoral (MD, JD, or PhD) 
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Attention Check (Muszyński et al., 2023) 

Throughout the surveys, items like: 

1. Select strongly disagree 

2. Select agree 

3. Select neither likely nor unlikely 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



Appendix D 

Debriefing 

Thank you for completing a Study of Workplace Experiences and Employee Perspectives!  

   

The purpose of this study has multiple layers. We want to explore the relationship between how 

old someone feels—known as subjective age—and the ways they engage in job crafting 

behaviors in an increasingly age-diverse workforce. While chronological age explains some 

differences in motivation, subjective age offers a deeper understanding of employees’ 

experiences and opportunities for targeted interventions. Specifically, we aim to understand how 

subjective age impacts proactive work behaviors like job crafting and how these behaviors might 

connect to decisions about retirement, especially through avoidance crafting. Additionally, we 

seek to determine how Age-Inclusive HR Practices (AIHRP)—workplace strategies designed to 

support employees of all ages—might influence the connection between subjective age and job 

crafting. By studying these factors, we hope to highlight ways organizations can develop 

strategies that address the unique needs of older workers, enhance well-being, and foster 

engagement, while also providing insights into the broader implications of job crafting and 

retirement decisions. 

  

If you’re interested in information regarding similar topics to how age matters in the workplace 

and how to improve age-diverse workplaces, see these helpful newsletters on how to manage 

workers dependent on which age category they are: 

• SHRM Newsletter on Harnessing the Power of a Multigenerational Workplace  

• SHRM Newsletter on Leveraging the Value of an Age-Diverse Workplace  

  

If answering any of the questions in this study raises any issues for you, please use the resources 

below as a source of support:  

Resource  Accessing the Resource   

American Psychological Association 

“Psychologist Locator”  

http://locator.apa.org/ or (800) 374-2723  

  

Crisis centers in the United States  1-800-273-TALK (8255)  

Crisis centers Worldwide  www.allaboutcounseling.com  

  

We would appreciate it if you would refrain from discussing any parts of this study with other 

participants.  

   

You are welcome to contact Kalvaince Die (diek23@students.ecu.edu) with any questions 

regarding this study. 

  

Also, if you have any questions or concerns about your rights as a research participant, you may 

contact the University & Medical Center Institutional Review Board (UMCIRB) at 252-744-

2914. 

 

https://www.shrm.org/foundation/ourwork/initiatives/the-aging-workforce/Lists/Curated%20source%20for%20page%20The%20Aging%20Workforce/Attachments/17/2017%20TL%20Executive%20Summary-FINAL.pdf
https://www.shrm.org/foundation/ourwork/initiatives/the-aging-workforce/documents/age-diverse%20workforce%20executive%20briefing.pdf
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